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Abstract

We investigate economic causes of the rising support of populist parties in industrial-
ized countries. Looking at Germany, we find that exposure to imports from low wage
countries increases the support for nationalist parties between 1987–2009. Conversely,
increasing exports to low wage countries reduces the support for nationalist parties.
Individual data from the German Socioeconomic Panel reveal that low-skilled man-
ufacturing workers’ political preferences are most responsive to trade shocks. Using
a novel approach to causal mediation analysis, we identify trade-induced labor mar-
ket adjustments as economic mechanism causing the voting response to international
trade. Subsequently, this effect translates into increasing support for the right-populist
AfD after its emergence in 2013.
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1 Introduction

Globalization has contributed to the rise of populism in industrialized countries. Specifically,

populist parties and candidates with a protectionist and nationalist agenda have gained support

by campaigning against the international movement of goods, capital, and labor. The reasons for

this “populist backlash” to globalization are under investigation. Some argue that populism is

driven by a cultural drift within Western societies, signified by a fear of losing national identity

in a process of international liberalization that is governed by elites (Norris and Inglehart, 2019;

Fukuyama, 2018). Others hint at economic causes, focusing on economic uncertainty resulting

from globalization, see Rodrik (2020) or Margalit (2019) for an overview.1 Despite this work, the

specific channels through which global macro-economic developments affect individual political

preferences are still not well understood.

In this paper, we identify labor market adjustments to international trade as an economic

mechanism that explains the voting response to international trade. First, we show that import

competition from low-wage countries increases the support of populist parties in Germany. Look-

ing at the whole political spectrum, it is only the support of nationalist parties from the right

fringe that significantly and consistently reacts to increasing international trade. The vote shares

that nationalist parties receive in parliamentary elections increase with regional import exposure.

However, trade effects on populist support are two-sided: nationalist parties lose votes in regions

benefiting from export opportunities to new markets. This closely resembles the results of Dauth,

Findeisen and Suedekum (2014), who report similarly differential effects of import and export ex-

posure on manufacturing employment in German local labor markets. An individual-level analy-

sis of the German Socioeconomic Panel (SOEP) provides additional indications for a link between

trade’s labor market effects and the voting response. Exposure to import competition increases

individuals’ intention to vote for nationalist parties. This effect is centered on low-skilled manu-

facturing workers – arguably, the voters most affected by labor market adjustments to trade. Still,

these results are only suggestive for a labor market channel at work.2 This paper goes one step

further and uses a new method for causal mediation analysis in IV settings, developed in Pinto,

1 For a broader overview of the socio-economic drivers of populism, see Guriev and Papaioannou (2020).
2 Trade exposure could turn voters toward populism through several channels, e.g. because import competition

induces anxiety about the future more generally (Mughan and Lacy, 2002; Mughan, Bean and McAllister, 2003).
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Dippel, Gold and Heblich (2019), to show that labor market adjustments to trade exposure are an

important economic channel through which trade exposure affects voting behavior.

Our main results are obtained from looking at voting results at the level of local labor markets

(Landkreise). In line with Autor, Dorn and Hanson (2013) and Dauth et al. (2014), we exploit the fall

of the Iron curtain (1989) and China’s accession to the WTO (2001) as quasi-exogenous shifters to

the global trading environment. Following the election cycle to the German national parliament,

we organize our data as stacked panel of two first differences for the periods 1987–1998 and 1998–

2009 to ensure each period experiences a trade shock.3 To assess regional trade exposure, we map

sector-specific changes in trade flows with China and Eastern Europe into local labor markets

using lagged industrial composition as measure of local affectedness. We follow Autor et al. (2013)

in using other developed countries’ trade flows with Eastern Europe and China as instrumental

variable (IV) for Germany’s trade exposure to abstract from unobserved domestic influences. We

first use separate two-stage least square regressions (2SLS) to assess the causal effect of import

competition on voting behavior and on labor market outcomes. We then move on to the causal

mediation analysis that uses the same IV to decompose the overall effect of trade on voting into a

direct effect and an indirect effect running through observed labor market adjustments.

We report results on the effects of exposure to imports and exports separately, but focus pri-

marily on their net difference, which we refer to as NetExposure to import competition. We find

that a one standard deviation increase in NetExposure of e1,346 per worker increases the vote

share of nationalist parties by about 30 percent of its average decadal increase over the years

1987–2009. In absolute terms, this effect is reasonably small, given that the nationalist parties we

observe during our study period were mainly extremist parties. An investigation of more recent

elections reveals that the trade-induced increase in the support of nationalist parties before 2009

translates into increasing support of the less extremist (and hence more appealing to a broader

public), right-populist party AfD that was founded in 2013. We thus cautiously interpret the effect

of NetExposure on nationalist parties’ vote share in contemporary elections as the lower bound of

the effect import competition actually has on fueling populist support. That said, our main focus

lies on understanding the mechanism underlying the observed effect on right-populist votes.

3 Our first-differences analysis does not require any sharpness in trade shocks around the 1989 and 2001 dates.
Analyzing ten-year intervals makes our results easy to compare to the existing literature on trade exposure that mostly
draws on U.S. census data.
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To assess the economic mechanism, we first replicate and confirm the results of Dauth et al.

(2014) for our period of analysis: increasing NetExposure has adverse labor market effects like

decreasing employment and increasing unemployment. The causal mediation analysis allows

us to assess the relative importance of labor market adjustments to trade in explaining voting

responses to trade. It turns out that the effect of NetExposure on populist support can be entirely

explained by the labor market effects of NetExposure. Indeed, the effect of trade-induced labor

market adjustments on populist support is even stronger than the overall effect of NetExposure.

This suggests that the populist backlash to international trade would be even more pronounced if

trade affected labor markets alone. But trade –with its positive welfare effects– also has a direct

impact on voting, which turns out to be politically moderating. This estimate is important to guide

policy-makers in designing effective responses to political populism, which needs to be centered

on mitigating the adverse labor market effects of international trade.

This paper adds to the literature on the political consequences of globalization, primarily inter-

national trade (Feigenbaum and Hall, 2015; Jensen, Quinn and Weymouth, 2017; Che, Lu, Pierce,

Schott and Tao, 2016), but also financial crises and international migration See references in Rodrik

(2020). Closely related to our work is Autor, Hanson and Majlesi (2020) who show that import

competition from China has contributed to the polarization of U.S. politics. Similarly, Malgo-

uyres (2014) show for France and Caselli, Fracasso and Traverso (2019); Barone and Kreuter (2019)

for Italy that import competition from low wage countries caused an increase in the support of

populist parties. Colantone and Stanig (2018) provide supportive evidence for other European

countries.

Our contribution links the literature on the political effects of international trade to research on

the labor market consequences of trade integration (Autor et al., 2013; Dauth et al., 2014; Pierce and

Schott, 2016). We assess the political consequences of this development. Our results corroborate

the rising awareness in the academic literature and popular press that the populist backlash in

industrialized Western countries is closely related to the decline in manufacturing employment

resulting from import competition.

In the following, Section 2 describes our empirical strategy and data. Section 3 presents our

core results documenting a causal effect of trade exposure on voting behavior, including a micro-

level analysis of workers in the SOEP. Moreover, this section provides suggestive evidence for
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labor market adjustments to trade being the economic channel through which international trade

affects voting behavior. In Section 4, we unpack the causal links between trade exposure, labor

market adjustments and voting behavior in a mediation analysis. This section structurally identi-

fies and quantifies the relative importance of the labor market mechanism. Section 5 investigates

how the original effect translates into increasing support of the populist party AfD in more recent

elections. Section 6 concludes.

2 Data

Our data is organized as a stacked panel of first differences between election dates, 1987 to 1998

and 1998 to 2009, staying as close as possible to the decadal changes commonly studied in the

literature. We study German regions’ exposure to trade with Eastern Europe and China, which

was exogenously affected by the fall of Communism and China’s WTO accession. In Germany,

imports from and exports to China and Eastern Europe roughly tripled from 1987 to 1998 (from

about 20 billion to about 60 billion Euros each), and tripled again between 1998 and 2009.4

Our data is observed at the county (Landkreis) level, as the representation of local labor markets.

For the first period, we exclude the 86 East German counties from our analysis since their economic

and the political environment was special after the reunification in 1990, and because we lack

reliable data on the original (state-owned) industry structure. Since the city-state of Berlin cannot

unambiguously assigned to East or West Germany, we drop it as well, along with the city-states of

Hamburg and Bremen.5 This leaves us with an unbalanced balanced panel of 322×2 West-German

and 86× 1 East-German counties, which gives us 730 observations over two periods.

In the following, we discuss the construction of the main variables as they will ultimately enter

our mediation framework. Treatment Tit is our measure of local labor market i’s NetExposure to

imports from China and Eastern Europe in period t. Final outcome Yit refers to voting outcomes.

Mediators Mit are labor market variables that may explain the overall effect of Tit on Yit. Finally,

we use other countries’ trade exposure to construct Zit as an instrument for Tit.6 Conditioning

4 Throughout the paper, we report values in thousands of constant-2005 Euros using the Bundesbank’s rates.
5 City states are special, since the administrative units of ‘county’ and ‘state’ coincide, which could influence vot-

ing decisions in federal elections. Moreover, Hamburg and Bremen are large harbor cities that strongly benefit from
international trade, no matter whether this implies increasing imports or exports.

6 It is a unique feature of the German data that it allows assessing import exposure (Tit), local labor market adjust-
ments (Mit), and voting behavior (Yit) for the same spatial unit; and to mirror regional-level analyses in the analysis of
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variables Kit are discussed with the results in Section 3. Descriptive statistics can be found in

Online Appendix C.

2.1 Import Exposure (Treatment T )

Following Autor et al. (2013) and Dauth et al. (2014), we construct our NetExposure measure, i.e.

treatment variable Tit, as follows:

Tit =
∑
j

Lijt
Ljt

∆IMGjt −∆EXGjt

Lit
. (1)

∆IMGjt denotes changes in Germany’s imports in industry j in period t. ∆EXGjt refers to

German exports. Local labor market i’s composition of employment7 at the beginning of period

t determines its exposure to changes in industry-specific trade flows ∆IMGjt − ∆EXGjt over the

ensuing decade. Sector j receives more weight if region i’s national share of that sector Lijt
Ljt

is

high, but a lower weight if i’s overall workforce Lit is larger.

One concern with the NetExposure measure in equation (1) is that it is a composite effect of the

relative importance of trade-intensive industries and of manufacturing employment in a region

(i.e. 1
Lit

relative to
∑

j Lijt). Manufacturing employment might independently shape subsequent

labor-market and voting changes. To account for this, we always condition on region i’s initial

share of manufacturing employment in all our regressions (see Autor et al., 2013).

2.2 Voting (Outcome Y )

We focus on party-votes in German federal elections (Bundestagswahlen) to assess the political con-

sequences of trade exposure.8 Due to its at-large voting system, Germany, like most continental

European countries, has consistently had a multiparty system that spans the full political spectrum

from far-left to extreme-right parties. This fact allows us to contrast the effect of import exposure

on populists parties’ vote shares with that for moderate parties. We label four parties that were

persistently represented in parliament over the 22 years we study as “established”. There are also

individual-level panel data.
7 The Institut für Arbeitsmarkt- und Berufsforschung (IAB) reports county-level industries of employment Lij accord-

ing to the ISIC-classification, and we link these to the U.N. Comtrade trade data using the crosswalk described in Dauth
et al. (2014), which covers 157 manufacturing industries.

8 In federal elections, German voters cast two votes on the same ballot; one for a party (“Zweitstimme”) and one for
an individual candidate in their election district (“Erststimme”). Since the party vote eventually determines a party’s
share of parliamentary seats, we follow Falck, Gold and Heblich (2014) in focusing on the party vote.
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many small parties whose vote share is always far below the 5 percent threshold of party votes

needed to enter the federal parliament. We collected these data to create a novel dataset of party

vote shares at the county level. We follow Falck et al. (2014) and group the small parties into

categories according to their political leaning. Altogether, Landkreis-level voting outcomes Yit are

divided into changes in the vote-share of (i) four established parties (the centre-right CDU/CSU,

the social-democrat SPD, the market-liberal FDP and the Green party), (ii) extreme-right parties,

(iii) far-left parties, (iv) other small parties, and (v) turnout.9

2.3 Labor Market Variables (Mediator M )

We use the Institut für Arbeitsmarkt- und Berufsforschung (IAB)’s Historic Employment and Es-

tablishment Statistics database to glean information on the industry of employment, occupation,

and place of work for all German workers subject to social insurance.10 Individual-level data

are aggregated on the Landkreis level to match our voting data. To identify the mechanism Mit

that translates net import exposure Tit into voting behavior Yit, we consider decadal changes in

(i) total employment, (ii) manufacturing employment share, (iii) manufacturing wages, (iv) non-

manufacturing wages, and (v) unemployment, with data for the last one coming from the German

Statistical Office. Online Appendix A provides additional information on our data sources and the

variable construction.

2.4 Others’ Import Exposure (Instrument Z)

Endogeneity concerns in estimating the effect of import exposure on labor markets and voting

relate to the fact that domestic demand and supply shocks may simultaneously affect NetExposure,

local labor market outcomes, and local voting behavior.

To overcome this problem, we follow Autor et al. (2013) by instrumenting Germany’s net im-

ports from China and Eastern Europe, ∆(IMGjt − EXGjt), with the average imports from (exports

to) China and Eastern Europe of a similar set of high-wage economies, ∆IMOjt (∆EXOjt), or their

net value, ∆(IMOjt − EXOjt):11

9 Online Appendix B provides additional background on the German political system and party landscape.
10 See Bender, Haas and Klose (2000) for a detailed description of the data. Civil servants and self-employed individ-

uals are not included in the data. Furthermore, we exclude workers younger than 18 or older than 65, and we exclude
all individuals in training and in part-time jobs because their hourly wages cannot be assessed.

11 In line with Dauth et al. (2014), we chose trade flows between China/Eastern Europe and Australia, Canada, Japan,

6



ZIM
it =

∑
j

Lijt−1

Ljt−1

∆IMOjt

Lit−1
, ZEX

it =
∑
j

Lijt−1

Ljt−1

∆EXOjt

Lit−1
, ZNET

it =
∑
j

Lijt−1

Ljt−1

∆(EXOjt − IMOjt)

Lit−1
.

(2)

In our preferred specification, we employ ZNET
it as single instrument, but will also report on

the over-identified case employing ZIM
it and ZEX

it simultaneously. Finally, we lag the initial em-

ployment shares by one decade (denoted by subscript t− 1) to rule out anticipation effects.12

In the following, we will use the same Zit to identify three causal effects: The overall effect of

Tit on Yit, the effect of Tit on Mit, and the effect of Tit on Yit that can be explained by the effect of

Tit on Mit.

3 The Effect of Import Competition on Voting

To identify the overall effect of a region i’s NetExposure to imports from low-wage countries on

voting behavior, we rely on the standard 2SLS model:

Tit = βZT · Zit + βKT Kit + ηit, (3)

Yit = TE · Tit + βKMKit + εit. (4)

The main variables were defined in Section 2. In lieu of the mediation analysis to come, we

want to point out that Tit measures the total effect TE of import competition on voting outcomes.

In Section 4.3, we will decompose TE into a direct effect, and an indirect effect working through

labor market adjustments to treatment Tit. Across columns of Table 1, we stepwise add control

variables Kit observed at the start of each period as they are routinely used in the related liter-

ature. Our baseline specification (column 1) includes i’s manufacturing employment share only.

In a next step (2), we add controls for i’s industry structure (employment share in the largest sec-

Norway, New Zealand, Sweden, Singapore, and the United Kingdom to construct the instruments. We deliberately
exclude Eurozone countries whose demand and supply conditions are likely correlated with Germany’s.

12 As robustness test (Appendix B), we use gravity residuals as exogenous measure for import competition instead of
IV. Gravity residuals estimate the exogenous evolution of industry-specific Chinese and Eastern European comparative
advantage over Germany based on a comparison of bilateral trade flows of Germany and ‘China plus Eastern Europe’
vis-a-vis a set of relevant destination markets. See Autor et al. (2013) and Dauth et al. (2014) for a comparison of both
approaches. Our focus is on the 2SLS results, since the mediation model used in Section 4.3 necessarily requires IV.
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tor, employment share in the chemical industry).13 In column 3, we add demographic controls

(foreign-born employment share, female population share, variables capturing the age structure

of the population and the qualification structure of the workforce).14 In (4), we add start-of-period

labor market variables (logs of employment and average wages as well as unemployment rates).

Finally, in (5) we add start-of period voting variables (turnout and parties’ vote-shares).15 We also

include a set of period-specific regional fixed effects (North, South, West, and East) in all regres-

sions.16 Standard errors εit are clustered at the level of 93 larger economic zones defined by the

Federal Office for Building and Regional Planning (BBR).

Panel A of Table 1 presents second-stage results of equation (4). First stage results of equa-

tion (3) are reported in Panel B. Each cell reports results from a different regression. First-stage

results are highly significant, have the expected sign, and are in line with estimates in the existing

literature. While we are primarily interested in political support for populist parties, our voting

data allow us to study trade effects on the entire political spectrum, i.e. changes in the vote-shares

of moderate, extreme-right, far-left, and other small parties, as well as turnout. In Panel A of

Table 1, each row pertains to one of these different outcome variables. Columns refer to differ-

ent regression specifications. In columns 1–5, we stepwise include control variables as described

above. Column 6 repeats our preferred specification from column 5, but splits the net-instrument

ZNET
it into its components ZIM

it and ZEX
it .17 In column 7, we drop observations from East Germany,

but otherwise estimate our preferred specification (5).

The results presented in Table 1 are broadly consistent across all specifications. Excluding East

Germany in column 7 does not change the overall picture. Looking at the whole political spec-

trum, it is only two party outcomes that significantly respond to increasing import competition:

Both the vote share of the market-liberal FDP and the vote share of extreme-right parties increase

13 Several German regions are dominated by one specific industry. In such regions, individual firms (e.g. Daimler-
Benz, Volkswagen, or Bayer) are likely to have political bargaining power, and as a result politicians may help buffer
trade shocks to limit adverse employment effects. The chemical industry is spatially clustered.

14 Population shares at ages 18-34, 35-64, and retirement age. Employment share with high formal qualification,
employment share with low formal qualification.

15 We use the same specifications for each outcome throughout the paper, thus sometimes including controls of minor
relevance. As a result of this minor simplification, there are no efficiency gains from jointly estimating regressions for
different outcomes in seemingly unrelated regressions (SUR) (Wooldridge, 2002, p. 143-146).

16 These regions are comparable to U.S. Census divisions (Dauth et al., 2014). Each of Germany’s 13 states (Bun-
desländer, net of 3 city states) is fully contained inside one of the four regions.

17 We prefer using one IV as in column 5 over using two IV as in column 6 for two reasons: First, column 5 comes with
a significantly higher F-statistic. Second, using one IV facilitates the interpretation of the mediation model in Section
2.4, although it is feasible to estimate the mediation model with multiple instruments, see Pinto et al. (2019).
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Table 1: The Effect of Import Exposure (T ) on Voting (Y )

(1) (2) (3) (4) (5) (6) (7)

Panel A: Second Stage Equation (4), for Different Voting Outcomes

∆ Turnout -0.002 -0.001 0.000 0.001 0.001 0.002 0.000
[0.377] [0.528] [0.968] [0.548] [0.687] [0.162] [0.996]

Established Parties:

∆ voteshare CDU,CSU -0.146 -0.174 -0.157 -0.122 -0.154 -0.143 -0.221
[0.373] [0.293] [0.310] [0.407] [0.272] [0.337] [0.143]

∆ voteshare SPD 0.022 0.038 0.038 0.008 0.000 0.010 0.055
[0.895] [0.820] [0.778] [0.954] [0.998] [0.942] [0.707]

∆ voteshare FDP 0.228*** 0.219*** 0.159** 0.191** 0.211*** 0.202** 0.244***
[0.004] [0.006] [0.029] [0.017] [0.008] [0.014] [0.003]

∆ voteshare Greens -0.153*** -0.172*** -0.063 0.024 0.025 0.016 0.014
[0.008] [0.002] [0.101] [0.562] [0.538] [0.710] [0.753]

Non-Established Parties:

∆ voteshare Extreme-Right 0.098*** 0.106*** 0.078** 0.087** 0.092** 0.117*** 0.112**
[0.004] [0.004] [0.017] [0.014] [0.034] [0.005] [0.034]

∆ voteshare Far-Left -0.029 -0.027 -0.060 -0.204* -0.176 -0.199* -0.209*
[0.822] [0.840] [0.587] [0.076] [0.136] [0.066] [0.091]

∆ voteshare Other Small -0.019 0.010 0.005 0.014 0.002 -0.001 0.005
[0.689] [0.816] [0.902] [0.728] [0.963] [0.975] [0.904]

Panel B: First Stage Equation (3)

βZM 0.248*** 0.245*** 0.252*** 0.243*** 0.243*** 0.236***
[0.000] [0.000] [0.000] [0.000] [0.000] [0.000]

βIMM 0.226***
[0.000]

βEXM -0.200***
[0.000]

F-Stat Instruments 66.48 74.66 71.26 64.47 64.33 39.98 59.84
Specification/Controls Base- + Indus- +Demo- +LM + Vo- ∼ (5) ∼ (5)

line try graph. ting 2 Z’s West
Period-by-region F.E. Yes Yes Yes Yes Yes Yes Yes
Observations 730 730 730 730 730 730 644

Notes: (a) Panel A reports second-stage and Panel B first-stage results of 2SLS estimations. Each cell reports on a separate
regression. (b) In Panel A, each line reports on a different election outcome. Columns incrementally include additional
control variables. Column 1 controls only for start-of-period manufacturing. Column 2 adds controls for the regional
industry structure. Column 3 adds controls for a region’s demographic structure. Column 4 adds start-of-period labor
market controls. Column 5 adds start-of-period voting controls. This is our preferred specification. Column 6 replicates
Column 5 but with two instrumental variables instead of one. Column 7 reports on specification 5 for the West German
subsample only (former FRG). All specifications include region-by-period fixed effects. (c) Variables are observed at the
Landkreis (county) level. The data is a stacked panel of first-differences over two periods 1987–1998 and 1998–2009. (d)
p-values are reported in square brackets, standard errors are clustered at the level of 93 commuting zones. *** p<0.01,
** p<0.05, * p<0.1.
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with NetExposure.18 This hints at a polarizing effect of increasing import competition, since the

FDP has the most distinct stance on furthering trade liberalization; by contrast, the extreme-right

parties have the clearest stance against globalization and propagate a nationalist agenda instead.

So it could very well be the case that the ‘winners’ from international trade turn to supporting the

FDP, while the ‘losers’ of this development support nationalist parties in opposition to trade lib-

eralization.19 While interesting, we do not want to put too much emphasis on the effect of import

exposure on voting results of the market-liberal FDP because they are less robust. Throughout all

the empirical results presented in this paper, it is only the extreme-right parties that consistently

respond to increasing trade exposure. This is why we will focus our analysis on the effects of

import competition on this part of the political spectrum.20

3.1 Interpreting the Results

In our preferred specification (column 5), a one-standard-deviation increase inNetExposure (e1,346

per worker) increases the extreme-right vote share by 0.12 (0.092 ·1.346) percentage points, almost

30 percent of the average per-decade increase of 0.43 percentage points during the 22 years we

study. This effect is somewhat larger for the West-German subsample. While the effect of import

competition on extreme-right party support is well identified, it is still small in absolute terms.

This may well be country-specific. The extreme-right parties participating in elections during our

period of analysis campaigned on rather extreme platforms, with clear associations to fascist ide-

ologies and neo-Nazi groups. Thus, the overall vote shares received by extreme-right parties were

relatively small. From the nationalist parties’ point of view, import competition played a relevant

role in securing support over our period of analysis. If there had been a party with broader appeal

or a charismatic leader, like in other countries, the voting response to import competition could

well have been stronger. Accordingly, the literature finds comparatively larger effects of import

exposure on voting support for nationalist-populist parties in France (Malgouyres, 2014) and Italy

(Caselli et al., 2019; Barone and Kreuter, 2019). In the US, the literature also finds pronounced

18 We present corresponding OLS estimates in Online Appendix Table 2 of Online Appendix D.
19 Another explanation for an FDP-effect would be that regions hit by a trade shock may face increasing demand for

redistribution or government intervention in markets (Rodrik, 1995). As a result, those who disapprove such policies
could choose to vote for the FDP, a proponent of a lean state.

20 For instance, estimations with gravity residuals instead of IV confirm the causal effect of import competition on
voting behavior for the extreme-right, but not the FDP. The results are reported in Appendix B.
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effects on the vote share of the Republican Party, which tacked towards increasing protectionism

after 2010 (Autor et al., 2020).

The very fact that protectionist demands are captured by the extreme-right but not the far-left

parties could also be country-specific. In international comparison, there seems to be some ambi-

guity in which fringe of the political spectrum opposes globalization the most. At first, one might

have expected increasing demand for redistribution from the left in reaction to import exposure,

instead of increasing demand for nationalism. However, political scientists argue that the politi-

cal left in Europe has found it difficult to take a coherent position against globalization over the

past two decades, often hampered by internal intellectual conflicts (Arzheimer, 2009). Sommer

(2008, p. 312) argues that “in opposing globalization, the left-wing usually criticizes an unjust and

profit-oriented economic world order. [It] does not reject globalization per se but rather espouses

a different sort of globalization. In contrast, the solutions proposed by the extreme right keep

strictly to a national framework. Therefore, the extreme right’s claim that it is the only political

force that opposes globalization fundamentally [...] rings true.”21 In line with that, we provide

anecdotal evidence linking local import exposure to increasing support for nationalist parties in

two German regions in Appendix A. More generally, the recent empirical literature rather hints

at the right fringe benefiting from import competition exclusively, but this line of research is still

evolving.

3.2 Decomposing Import and Export Exposure

When studying labor market adjustments to international trade integration in Germany, Dauth

et al. (2014) point out that trade has differential effects. Increasing import competition decreases

manufacturing employment and causes labor market distress. On the contrary, manufacturing

employment increases if regions benefit from export opportunities to new markets. Our assump-

tion is that these labor market adjustments to international trade are the economic mechanism

that translates NetExposure into extreme-right party support. If this assumption was correct, we

should see equally differentiated effects of a region’s exposure to imports and exports on the vote

21 For illustration, we excerpt from the German extreme-right NPD’s ‘candidate manual’: “Globalization is a plan-
etary spread of the capitalist economic system under the leadership of the Great Money. Despite by its very nature
being Jewish-nomadic and homeless, it has its politically and militarily protected locus mainly on the East Coast of the
United States” (Grumke, 2012, p. 328).
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Figure 1: Differential Effects of Import and Export Exposure

Notes: The graph summarizes second stage regressions results. It plots predicted values of the change in extreme-right votes share
(upper part) and log employment (lower part) against region i’s predicted (by the first stage) exposure to imports from (left side) and
exports to (right side) Eastern Europe and China.

share of extreme-right parties.

Since we can simultaneously employ ZIM
it and ZEX

it as instruments, we can differentiate be-

tween import and export effects.22 Our analysis is based on equation (4), more precisely its spec-

ification reported in Column 5 of Table 1. We just replace Tit measuring NetExposure with two

variables simultaneously measuring import exposure T IM
it based on ∆IMGjt and export exposure

T EX
it based on ∆EXGjt.

We focus on extreme-right party vote shares as outcome. Detailed regression results along

with the estimating equations are presented in Online Appendix D.2. Figure 1 summarizes the

2SLS results. In the top-panel, it plots predicted values for extreme-right vote shares from the

second stage on the first-stage predictions of changing import exposure T IM
it (left) and changing

export exposure T EX
it (right). In the bottom-panel, it plots predicted values for log employment on

22 Since the instruments are not orthogonal, we cannot perfectly disentangle the effects of changing imports from
and changing exports to low-wage countries, though. We nevertheless regard this exercise to be informative.
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the same exposure measures.23

Figure 1 confirms previous findings that international trade has differential effects on local la-

bor markets. Regional exposure to increasing imports from low-wage countries leads to a decline

in overall employment, while increasing exports correspond to an increasing employment share.

This is mirrored in the voting response to international trade. Nationalist parties gain support in

counties subject to import competition, but loose support in counties benefiting from new export

opportunities. The latter moderating effect turns out to be even stronger than the former radi-

calizing effect. The pattern depicted in Figure 1 clearly suggests a relationship between the labor

market adjustments to international trade and the effect of trade exposure on voting.

3.3 Corroborating Evidence in an Individual-Level Analysis

An analysis of individual-level data from the German Socio-Economic Panel (SOEP) provides

additional evidence for the relevance of the labor market channel. The panel structure of the data

allows us to determine which type of voters actually changed their political preferences in reaction

to increasing import competition. Conveniently, the SOEP collects information on individuals’

party preferences which allows us to replicate our previous analysis of voting responses to local

labor markets’ NetExposure.24 For our purpose, the relevant SOEP question asks: “If there was

an election today, who would you vote for?” We translate this question into a series of dummies that

reflect the full party spectrum also observed in Table 1. For each party P, we aggregate individuals’

self-reported voting intentions into a decadal cumulative share of years in which a respondent

stated she would vote for a specific party.25 The regional identifier in the SOEP allows us to

associate individual workers w with their local labor market i’s NetExposure (T ), instrument T

with Z as before, and add regional controls K. Thus, we can estimate the effect of region i’s

import exposure Tit on a resident worker w’s reported party support. The individual-level results

are reported in Table A2 of Appendix C. They closely mimic those in Table 1. Import competition

shifts individuals’ political preferences to the far right. Splitting the sample by worker types, it

turns out that the results on extreme-right party support are centered on low-skill workers in

23 Labor market outcomes, including log employment, are formally analyzed in Section 4.2.
24 Because the SOEP only started to ask about voting intentions for the full party spectrum in 1990, we use the time

windows 1990–1998 and 1998–2009, i.e. a slightly shorter period 1 compared to our main results.
25 We explain the variable construction and empirical specification in more detail in Appendix C.
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manufacturing sectors, i.e. those most affected by import competition.

4 Unpacking the Effects of Trade Shocks on Labor Markets and Voters

In this section, we apply a novel methodology for causal mechanism analysis developed in Pinto

et al. (2019) to assess whether labor market adjustments to trade are the reason for the voting

response to trade, and to quantify the relative importance of the labor-market mechanism. Since

this is the first time the “partially confounded IV model” is being applied to observational data,

we briefly introduce the structural model, before employing it to unpack the effects of import

competition on labor markets and voting.

4.1 Causal Mechanism Analysis with a Single IV

Table 2: Mediation Model with IV

DAG Model Equations

εT

T M Y

εM εY

Z

εZ

Z = εZ , (5)

T = βZT · Z + εT , (6)

M = βTM · T + εM , (7)

Y = βTY · T + βMY ·M + εY , (8)

with error terms εZ , εT , εM , εY , of variances σ2
εZ , σ

2
εT , σ

2
εM , σ

2
εY , respectively.

We use the mediation model to assess the causal mechanisms behind the trade effect on extreme-

right voting. Mediation models consist of a treatment variable T (in our case: an import shock),

a final outcome Y (in our case: extreme-right party support) and a mediating variable M (in our

case: measures of labor market adjustments) that represents a mechanism through which T af-

fects Y . M is itself causally affected by T , and mediates part of the total causal effect of T on Y .

Essentially, the model decomposes the ‘total effect’ of T on Y – that is the effect we have already
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identified in Section 3 – into a ‘direct effect’, and an ‘indirect effect’ running through M . In its

most general form with arbitrary error dependence as in Table 2, an instrumental variable Z can

be included to address the endogeneity of both T and M .

In our mediation analysis, the direct effect of T on Y that is independent of M is given by the

coefficient DE = βTY . The indirect effect running through M is given by the coefficient multipli-

cation IE = βTM · βMY . Our focus lies on this mechanism. The total effect can be evaluated by the

sum of these two terms, TE = βTY + βTM · βMY .26

Identification is challenging, though, due to the correlation between error terms εT , εM , εY . The

traditional approach to mediation analysis (see Baron and Kenny (1986) and MacKinnon (2008) for

an overview) does indeed assume εT , εM , εY to be statistically independent, which makes T and

M exogenous and allows identifying the entire model by simply estimating equations (7) and

(8) with OLS. These assumptions are unlikely to be met in our case. Pinto et al. (2019) combine

both approaches and allow for εT �⊥⊥ εM and for εM �⊥⊥ εY , which keeps T and M endogenous.

The crucial assumption is that there must be no correlation between εT and εY , i.e. εT ⊥⊥ εY

conditional on εM and all the observed variables. We denote the conditional independence as

ρTY = 0. If this condition is met, one instrumental variable Z is sufficient to identify the whole

model. See Appendix E.

The related literature has been primarily concerned about endogeneity in the relationship be-

tween T and M (Autor et al. 2013, Dauth et al. 2014, Pierce and Schott 2016), but has not articu-

lated separate endogeneity concerns coming from other sources when studying the relationship

between T and Y (Malgouyres, 2014; Feigenbaum and Hall, 2015; Autor et al., 2020; Jensen et

al., 2017; Che et al., 2016). While unobserved variables may affect the relationship between im-

port exposure and labor market adjustments – which asked for an IV in the first place – as well

as the relationship between labor market adjustments and voting behavior, we have no reason

to believe that there is an unobserved variable orthogonal to local labor market adjustments that

significantly affects the relationship between import exposure and voting behavior.

26 Note that the TE can be evaluated in two different ways: By a separate 2SLS regressions, as we did in Section 3, or
by summing upDE and IE, as we will do in Section 4.3. See Online Appendix F on the equivalence of both approaches.
In the just-identified case with one single IV, both approaches must lead to numerically identical results, while results
may slightly differ in the over-identified case.
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Parameter βTM , i.e. the effect of import competition on local labor markets, can straightfor-

wardly be estimated by standard 2SLS regressions

Tit = βZT · Zit + βKT Kit + ηit, (9)

Mit = βTM · Tit + βKMKit + εit. (10)

This is equations (6) and (7) with control variables Kit and subscripts added. Note that we

used essentially the same model to assess T ’s effects on voting outcomes in Section 3, equations

(3) and (4). The first stage is identical, and the second stage only replaces Yit with Mit as outcome.

Identification only requires Z to be a valid instrument for T .

Identification of parameters βMY , β
T
Y of equation (8) is more challenging. We employ the novel

estimation procedure proposed by Pinto et al. (2019), with βMY , β
T
Y being the expected values of the

estimators of a 2SLS regression where Y is the dependent variable, M is the endogenous variable,

Z is the instrument, and, notably, T enters as a conditioning variable. Under assumption ρTY = 0,

βMY and βTY can be identified by evaluating the following two-stage model:

Mit = γZM · Zit + γTM · Tit + γKMKit + µit, (11)

Yit = βMY ·Mit + βTY · Tit + βKY Kit + εit. (12)

Equation (12) is equivalent to equation (6) with control variables Kit and subscripts added.

The real novelty of the “partially confounded IV model” lies in the first stage equation (11) that

conditions on T for identification.

To understand the logic of conditioning on T in the context studied here, consider that the

endogeneity concern in the relation between T and M is that an industry-j-specific domestic de-

mand shock will reduce both local import exposure (T ) and local employment (M ) in regions that

are specialized in industry j. The solution advanced in the literature is to use other (high-wage)

countries’ imports as the basis of an instrument (Z) that is orthogonal to Germany-specific de-

mand conditions. The key intuition underlying Z’s explanatory power for M , conditional on T , is

that when other countries’ industry-specific imports are high relative to (i.e. conditional on) Ger-

man industry-specific imports, these will partly reflect the unobserved German industry-specific

demand shock, i.e. the source of the bias. So conditional on German imports (T ), other countries’
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higher imports in a given sector therefore ‘cause’ additional reductions in German employment,

because they reflect negative German demand conditions that have lead to lower values of T .27

The assumption ρTY = 0 implies that the instrumental variable Z can be used to evaluate the

causal effect of M on Y if (and only if) conditioned on T. This, in turn, is the requirement for

decomposing T ’s total effect into DE and IE.

4.2 The Effect of Import Exposure on Labor Markets

We want to identify the causal chain from T over M to Y to learn about the relative importance

of the labor market channel. The first step is to ensure that M is causally affected by T , i.e. to

identify parameter βTM from equation (7) using the 2SLS model described by equations (9) and

(10). We observe five labor market outcomes that can be used to assess labor market mechanism

M : (i) total employment, (ii) manufacturing’s employment share, (iii) manufacturing wages, (iv)

non-manufacturing wages, and (v) unemployment. Other papers have examined trade effects on

these outcomes in detail, including Autor et al. (2013), whose results have already been replicated

for Germany by Dauth et al. (2014), thus we keep this subsection brief. Online Appendix Table 4

provides detailed regression results for all the five outcomes, with specifications following those

in Table 1. What we find is that NetExposure has a significantly negative effect on total employment

and manufacturing employment, and it significantly increases the regional unemployment rate.

Each of those variables could qualify as mediator, but our empirical approach allows for iden-

tifying the mediating effect of one M per T and Z only.28 We therefore aggregate the observed

labor market variables into principal components and focus on the mediating affects of labor market

adjustments M in the aggregate. A principal component analysis is attractive because it generates

indices that are purely statistical measurements based on the total variation in labor market out-

comes, and are orthogonal to one another by construction.29 We label the principal components

as “labor market components” (LMC).

One can best interpret the LMCs through their relation to the observed labor market outcomes,

27 Whether they indeed do so is a question of explanatory power, not of identification.
28 Causally disentangling the mediating effects of different variables would require additional instruments, while

omitting mediating channels from the model does not bias the estimates for M , see Pinto et al. (2019).
29 By contrast, methods that take weighted averages (Christensen and Miguel, 2018; Kling, Liebman and Katz, 2007)

are usually applied to creating an outcome-index, but are unattractive for creating a mediating variable index precisely
because they pre-impose weights.
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Table 3: Labor Market Components’ Factor-Loadings

(1) (2) (3) (4) (5)
∆ log ∆ Share ∆ log ∆ log ∆ Share

employment Manuf. Empl. Manuf. Wage Non-Manuf. Wage Unempl.

LMC1 0.1711 -0.3632 0.5108 0.5486 0.5261

LMC2 0.7625 0.6004 0.2104 0.0607 -0.1012

LMC3 -0.5389 0.397 0.5311 0.3251 -0.4053

Notes: The table reports on the factor loadings of the five labor market variables on three principal components LMC1,
LMC2 and LMC3. See discussion in the text. LMC1’s eigenvalue is 2.707, explaining 54.1 percent of the total variation.
LMC2’s eigenvalue is 1.281, explaining 25.6 percent of the total variation. LMC3’s eigenvalue is 0.509, explaining 10.2
percent of the total variation.

i.e. their factor loadings reported in Table 3. By construction, there are as many LMCs as variables

but following the Kaiser-Guttman criterion, it is common to regard only LMCs with an eigen-

value larger than 1. This holds for the first two LMCs. In our data, LMC1 and LMC2 explain

about 80 percent of the variation in the labor market data (0.541 + 0.256). LMC1 is somewhat

ambiguous: it has a weak positive correlation with overall employment but a negative one with

manufacturing employment. Moreover, it is positively correlated with changes in wages, but also

with unemployment.30 By contrast, LMC2’s interpretation is unambiguous: its factor loadings are

strongly positive for changes in manufacturing employment and total employment, and negative

for changes in unemployment. Thus, while LMC1 appears to capture the divergence between

manufacturing jobs and the rest of the labor market, LMC2 captures common changes to manu-

facturing jobs and the overall labor market. These are the core labor market adjustments we see

in reaction to import competition.

Table 4 reports on the estimation with labor market components as outcome, i.e. we investigate

the effect of NetExposure (Tit) on LMC1–LMC3. Conveniently, the effect of Tit turns out to be

sharply concentrated on LMC2, which is the only component that is significantly affected by Tit in

all specifications. By contrast, the other LMCs are largely unaffected.31 Therefore, we will focus on

30 Our interpretation of LMC1 is that it reflects the polarization of high-wage countries’ labor markets (Goos, Man-
ning and Salomons, 2009, 2014), associated with an expansion of services, higher wages and higher unemployment.
A related view on LMC1 is provided by the urban agglomeration literature, where Duranton and Puga (2005) point
out that regional specialization has become “functional” as opposed to “sectoral” over the past decades, implying that
headquarters and businesses cluster in large cities, a strong trend in Germany (Bade, Laaser and Soltwedel, 2003).

31 These results resonate with existing evidence that import competition has had large effects on (overall and manu-
facturing) employment, while the polarization of work and the rise of service jobs (i.e. our LMC1) were explained by
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Table 4: Effect of Trade Exposure T on Labor Market Adjustments M

(1) (2) (3) (4) (5) (6) (7)

Second Stage Equation (10), for Different Labor Market Outcomes

Labor Market Components

LMC1 -0.024 -0.023 0.027 0.048* 0.050* 0.037 0.056**
[0.540] [0.519] [0.332] [0.088] [0.074] [0.277] [0.048]

LMC2 -0.189** -0.196** -0.264*** -0.276*** -0.273*** -0.330*** -0.316***
[0.044] [0.044] [0.001] [0.002] [0.001 ] [0.000] [0.001]

LMC3 0.021 0.024 0.029 -0.005 -0.002 -0.063* -0.003
[0.626] [0.607] [0.509] [0.895] [0.960] [0.075] [0.937]

Single Variables

∆ log employment -0.019** -0.020* -0.024*** -0.024*** -0.024*** -0.025*** -0.028***
[0.040] [0.051] [0.004] [0.006] [0.004] [0.000] [0.003]

F-Stat Instruments 66.48 74.66 71.26 64.47 64.33 39.98 59.84
Specification/Controls Base- + Indus- +Demo- +LM + Vo- ∼ (5) ∼ (5)

line try graph. ting 2 Z’s West
Period-by-region F.E. Yes Yes Yes Yes Yes Yes Yes
Observations 730 730 730 730 730 730 644

Notes: (a) Each cell reports second stage results from a separate 2SLS regression. First stage results are the same as in
Table 1. (b) Each line reports on a different labor market component as outcome. Across columns 1–5, we successively
add control variables, exactly as in Table 1. In column 6, we use two instrumental variables and column 7 considers only
West Germany. All specifications include region-by-period fixed effects. (c) p-values are reported in square brackets,
standard errors are clustered at the level of 93 commuting zones. *** p<0.01, ** p<0.05, * p<0.1.

LMC2 as our key mechanism M which plausibly captures all of the core labor market adjustments

to import competition. Below, we also report the effect on the log of employment as a comparison

(in column 1 of Table 5).

4.3 Mediation Analysis

We now test the assumption that labor market adjustments M caused by trade exposure T are

the economic mechanism for the effect of trade exposure T on extreme-right voting Y . In order

to decompose the total effect effect of T on Y (TE) into the direct effect of T on Y (DE) and

T ’s indirect effect through M (IE), we implement the mediation model set out in Section 4.1.

Specifically, we estimate the two-stage model described in equations (11) and (12). Our focus is

other factors, primarily automation (Autor, Dorn and Hanson, 2015). While the statistical significance of trade effects
on LMC1 is higher in the West German subsample, its point estimates remain small.
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on the extent to which the effect of NetExposure on voting for extreme-right parties (reported

in Table 1) works through the effect of NetExposure on LMC2 (reported in Table 4). To facilitate

interpretation, we also report results for changes in total employment as mediator M.

Table 5: Estimates of the Mediation Model

(1) (2) (3) (4)

Mediating Variables: ∆ log LMC2 LMC2 LMC2

Employm.

Panel A: Equation (12); Outcome: Extreme-Right Voting

βMY -3.927** -0.582** -0.487*** -0.821***
[0.030] [0.025] [0.002] [0.001]

DE: βTY -0.002 -0.066 -0.050* -0.148**
[0.954] [0.255] [0.097] [0.034]

Panel B: Model Parameters

βTM (estd. in Table 4) -0.024 -0.273 -0.330 -0.316

IE: βTM · βMY 0.094 0.159 0.161 0.259

TE (estd. in Table 1): 0.092 0.092 0.117 0.112

TE (calc.): IE +DE 0.092 0.093 0.111 0.111

S = IE/TE(calc.) 1.022 1.728 1.376 2.313

S = IE/TE(estd.) 1.022 1.710 1.451 2.333

Specification/Controls + Vo- + Vo- ∼ (3) ∼ (3)
ting ting 2 Z’s West

Period-by-region F.E. Yes Yes Yes Yes
Observations 730 730 730 644

Notes: (a) Panel A presents second stage results from estimating the mediation model with different mediating variables
M . Panel B summarizes related model parameters and explains how they can be assessed. (b) First stage results are
reported in Table A3 (Appendix E). (c) Our preferred specification in column 2 uses aggregated labor market component
LMC2 as mediator. To ease interpretation, column 1 uses change in log employment to assess the mediating effect of
labor market adjustments instead. Columns 3 and 4 repeat the estimation of column 2, but with two instrumental
variables (3) and on the West-German subsample (4). (d) All specifications include the full set of control variables as
in column 5 of Table 1, along with region-by-period fixed effects. (e) p-values are reported in square brackets, standard
errors are clustered at the level of 93 commuting zones. *** p<0.01, ** p<0.05, * p<0.1.

In Panel A of Table 5, the coefficient β̂MY reports the causal effect of labor market adjustments

M on extreme-right voting support T . The point estimate in column 1 indicates that a one-percent

drop in total employment increases extreme-right parties’ vote share by 0.039 percentage points,

i.e. 3.927/100. This effect compares to an average per-decade increase in the extreme-right vote

share of 0.43 percentage points during the 22 years we study. Y is similarly responsive to the
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aggregate measure of labor market adjustments LMC2.32 The deeper importance of the point

estimates β̂MY is that they allow us to assess the indirect effect IE of T on Y, i.e. the effect of

labor market adjustments caused by NetExposure on extreme-right voting, see Panel B of Table 5.

IE can be derived from multiplying β̂MY reported in Table 5 with β̂TM reported in Table 4,33 i.e.

IE = β̂MY × β̂TM . The IE of T running through LMC2 thus is (−0.582 × −0.273 = 0.159). If

NetExposure increases bye1,000 per worker, this leads to labor market adjustments which in turn

increase the extreme-right vote share by 0.159 percentage points, ceteris paribus. Relating this to

the estimated total effect of T on Y , reported in Table 1, suggests that the IE is larger than the TE

by a factor of 1.71; which necessarily implies an opposing direct effect. Indeed, the DE given by

point estimate βTY in Table 5 (column 2) works in the opposite direction. While the indirect effect of

trade-induced labor market adjustments radicalizes voters, T ’s direct effect reduces extreme-right

party votes shares by 0.066 percentage points per e1,000/workerNetExposure. Note that βTY and

βTM × βMY add up – net of rounding errors – to the total effect of 0.092 estimated in Table 1, i.e.

DE + IE = TE.34 Panel B presents all the parameters related to the mediation model described

in Section 4; and details out where in the paper they have been estimated, or how they can be

calculated.35

The IE running through the labor market channel explains between 102 percent (0.094/0.092

when only changes in total employment are considered) and 173 percent (0.159/0.092 when over-

all labor market adjustments are considered) of the total effect of import competition on populist

support. This means that the voting response to increasing international trade would be even

stronger, if solely labor markets were affected. However, the radicalizing effect is mitigated by

a politically moderating direct effect. The DE captures all trade effects on populist support that

are unrelated to labor market developments, like increasing consumer surplus or non-pecuniary

benefits of increased international exchange.

In summary, our results clearly show that the labor market responses to trade that have been

reported in the literature so far do have political consequences. They increase the support of

nationalist parties. Conversely, this implies that increasing import competition would have less

32 Contrarily, LMC1 has no significant effect on extreme-right voting support, as unreported regressions reveal. More-
over, no other voting outcome is significantly affected by M.

33 The point estimates β̂MY for log employment can be found in Online Appendix Table 4.
34 This equality does not hold for the over-identified case as in column 3 where 2 IVs are included.
35 Additionally, Table A3 presents the first-stage results of estimating equation (11).
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pronounced effects on populist support if one could just mitigate the adverse labor market effects

of increasing trade integration. Put differently, any effective remedy for the “populist backlash”

to trade integration has to focus on labor markets first and foremost.

5 Effects on the Rise of a Right-Populist Party

Figure 2: Right Extremist Votes and AfD Votes.

(a) 2013 (b) 2017

Notes: The graph shows a scatter plot between the right-extremist vote share in 2009 and the AfD vote share in 2013 and 2017 respec-
tively. Grey dashed lines indicate the average vote share for both parties.

We have shown that import competition from low-wage countries increases the vote share

of extreme-right parties and that this effect is driven by trade-induced labor market turbulence.

For the German case, the estimated effects on extreme-right parties are comparatively small in

absolute terms because the far right was mainly represented by extremist neo-Nazi parties dur-

ing our period of analysis. As we discuss in Section 3.1, we believe that a right-populist party

with a less extreme brand of nationalism than what we observe from 1987–2009 would have had

broader appeal and would therefore have seen larger increases in its vote share. To substanti-

ate this conjecture, we go beyond our sample period to consider the rise of the right-populist

Alternative für Deutschland, AfD (Alternative for Germany). The AfD was founded in 2013. It

was initially conceived as an anti-Euro party but thereafter developed into an explicitly populist

an anti-immigrant, anti-globalist party. With this platform, the AfD quickly entered the federal
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parliament and all German state parliaments. As such the AfD is today comparable to France’s

National Rally, the Freedom Party of Austria, the Dutch Party for Freedom, Italy’s Northern League, or

the UK Independence Party.

We are interested in whether the trade-induced support for extreme-right parties at the end

of our initial study period in 2009 thereafter found its continuation in increasing support for the

right-populist AfD. Figure 2 provides evidence that it did: we see a tight positive relationship

between the extreme-right vote share in 2009 and the AfD vote share in 2017. Importantly, we see a

much less pronounced relationship between the extreme-right vote share in 2009 and the AfD vote

share in 2013, that is before the AfD had developed its distinct populist anti-globalization stance. In

Appendix F, we investigate this relationship more formally and supplement the empirical analysis

with additional background information on the origin of the AfD. Specifically, we regress the

change in the AfD vote share across counties between the 2013 and 2017 federal election on the

vote share of extreme-right parties in 2009. To focus on the trade-induced part of the variation in

2009 extreme-right votes, we instrument it with our original instruments for the periods 1987–1998

and 1998-2009. This is a reduced-form version of our initial 2SLS model described by equations

(3) and (4). The regressions support the message conveyed by Figure 2. The OLS estimates show

that regions tilting to the extreme-right before the emergence of the AfD are also more likely to

support the right-wing populists in recent elections. The IV estimates show that this relationship

holds for extreme-right party support caused by import competition. Our point estimates suggest

that a trade-induced one-percentage-point increase in the vote share of the extreme right in 2009

translates into the AfD gaining two percentage points in vote-share between the 2013 and 2017

elections.36

6 Conclusion

A substantial body of recent evidence shows that in high-wage manufacturing countries such as

Germany and the U.S., import exposure had detrimental effects on the labor market outcomes of

manufacturing workers. In this paper, we show that import exposure has also induced voters to

turn to protectionist, populist, and nationalist policy agendas represented by Germany’s extreme-

36 In Appendix F we find no evidence that the relationship between extreme-right votes in 2009 and the rise in AfD
votes after 2013 was amplified by the global financial crisis.
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right parties. This laid the ground for the electoral success of the right-populist party AfD more

recently.

Our focus is to ask whether this effect of import exposure on voting for the far right is mediated

by import exposure’s effect on labor markets. There is good reason to believe that this is the

case: The estimated effects for voting and labor market outcomes complement each other and an

individual-level analysis further suggests that those most prone to tilt towards the right are also

those most vulnerable to the labor market consequences of import exposure.

In an attempt to quantify the economic mechanism that links import exposure to populist sup-

port, we face an empirical problem that is common to many research settings: We can use standard

IV methods to causally identify the effect of a treatment (import competition T ) on an outcome

(labor market adjustments M ), as well as causally identifying the effect of the same treatment on

another outcome (voting for the far right Y ). But if the effect of T on Y is likely to work through

M , standard IV methods will not quantify this mediation effect.

To overcome this problem, we apply a novel methodology developed by Pinto et al. (2019)

that allows us to perform the required mediation analysis in an IV setting. Applying this method,

we find that the effect of import competition that is mediated by labor market adjustments is

larger than the total effect of import competition on extreme-right voting, which in turn implies

that other channels that link import exposure to voting are moderating in the aggregate. Net

of its adverse labor market effects, international trade would actually decrease the support of

nationalist parties. If policymakers want to increase support of international economic integration,

they should thus focus on mitigating the adverse labor market effects of international trade, which

are centered on low-skill manufacturing workers.
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Appendix A Graphical Representation and Qualitative Evidence

Figure A1 shows the spatial dispersion of our key regressor Tit in both periods (Panels a and b)

and the main outcome variable, the change in the vote share of extreme-right parties (Panels c and

d). Darker shadings indicate higher exposure (Panel a and b) and a higher change in vote share

(Panel c and d), respectively.

Regarding the NetExposure measure, it is reassuring that even in the raw data there appears

to be little correlation in Tit in space or time.37 This reflects both Germany’s diverse pattern of

industrial production and the fact that the dominant driver of Tit changed from Eastern Europe in

1987–1998 to China in 1998–2009 (Dauth et al., 2014). The enclosed region in the southwest of our

map is Southwest-Palatine (Südwestpfalz), a region that traditionally produced shoe and leather

products. In our data, Southwest-Palatine is in the top decile of negatively shocked districts in

both periods. In 2005, the region’s biggest city, Pirmasens, had an unemployment rate of 20 per-

cent. At the same time, extreme-right parties increased their vote-share from 1.3 percent in 1987

to 3.45 percent in 2009. A study commissioned by the Friedrich Ebert Foundation conducted in-

terviews with local politicians which suggested that the local Republikaner managed to mobilize

enough voter support to enter Pirmasens’ city parliament by explicitly linking import competition

to social hardships (Hafeneger and Schönfelder, 2007). The enclosed counties in the southeastern

part of the map are Rottal-Inn, Passau, Freyung-Grafenau, Regen, and Cham. This is a traditional

manufacturing region specialized in glass products and furniture making. This region too saw

high import exposure, declining employment, and increasing support for the extreme right in the

past decades, attracting international attention when neo-Nazis carried out a near-fatal attack on

Passau’s police chief in 2008 (New York Times, 2009). Additional descriptive statistics are reported

in Online Appendix C.

For the change in the extreme-right votes share, we observe strong clustering in the South-West

of Germany in the first period. This reflects the Republicans (Die Republikaner) rise in the State of

Baden-Württemberg. We refer to Online Appendix B.4 for further details. Note that we will use

fixed effects to wash out secular trends in our empirical analysis. Otherwise, we observe limited

spatial variation which explains why we do not find effects in our empirical analysis. By contrast,

37 We use period-specific fixed effects for three broad regions, giving us a total of six period-by-region fixed effects in
our stacked panel.
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Figure A1: Spatial Variation in NetExposure and Changes in Extreme-Right Vote Shares

(a) NetExposure Measure (Tit), 1987–1998 (b) NetExposure Measure (Tit), 1998–2009

(c) ∆Extreme-Right Vote Share (Yit), 1987–1998 (d) ∆Extreme-Right Vote Share (Yit)

Notes: The top-panel maps trade shocks into 322 West German counties for 1987–1998 and 408 counties for 1998–2009.
The bottom-panel maps changes in extreme-right vote shares for the same periods. The two circles in Panel (a) enclose
the regions in Palatine (on the left) and Bavaria (on the right) discussed in the text.
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the spatial variation in the second period is more pronounced.

Appendix B Identification of T on Y with Gravity Residuals

An alternative to the IV approach pursued in the paper is to estimate gravity equations, which ex-

ploit essentially the same source of exogenous variation. The endogeneity concern with increasing

imports ∆IMGjt is that they do not only reflect increasing competitiveness of Chinese and East-

ern European (‘CE’) industries,38 but also German industry-specific demand changes. The gravity

approach to solving this problem is to compare changes in German industries’ exports to other

countries O in relation to Chinese and Eastern European exports to O. This comparison reflects

changes in Chinese and Eastern European comparative advantage over Germany, and allows con-

structing an exogenous measure ∆IM
grav
Gjt to replace ∆IMGjt.39 Online Appendix E shows how

to obtain the gravity-residuals ∆IM
grav
Gjt that replace ∆IMGjt and, similarly, the gravity-residuals

∆EX
grav
Gjt that replace ∆EXGjt. An exogenous measure for changes in in German industries’ import

exposure can be obtained from netting out both effects such that ∆TradegravGjt = ∆IM
grav
Gjt −∆EX

grav
Gjt .

Substituting ∆IMGjt−∆EXGjt in equation (1) with ∆TradegravGjt provides an exogenous measure of

regional import exposure based on the gravity approach as

T gravit =
∑
j

Lijt
Ljt

∆TradegravGjt

Lit
(13)

We now substitute Tit from our baseline regression with T gravit directly. Otherwise, we run

exactly the same specifications as before.

Results are reported in Table A1. Again, each cell reports results from a different regression.

Rows specify different outcome variables, and columns refer to different regression specifications.

Results are consistent with our main specifications reported in Table 1. The key observation is that

the positive effect of import exposure on extreme-right party votes is confirmed by this alternative

identification strategy. In addition, the positive effect on the vote share of the market-liberal party

FDP turns insignificant, while the negative effect on far-left parties comes out somewhat sharper

here, specifically for East Germany. Overall, these patterns are all internally consistent, and do not
38 Competitiveness increases due to productivity increases, better market access, and decreasing relative trade cost.
39 We chose Belgium, France, Greece, Italy, Luxembourg, the Netherlands, Portugal, Spain, and the UK as ”other

countries” O for our gravity regressions, to be comparable with Dauth et al. (2014).
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Table A1: Gravity

(1) (2) (3) (4) (5) (6)

∆ Turnout 0.000** 0.000** 0.000 0.000 0.000 0.000
[0.029] [0.012] [0.516] [0.384] [0.270] [0.577]

Established Parties:

∆ voteshare CDU,CSU 0.006 0.006 0.001 0.002 0.001 0.002
[0.390] [0.456] [0.888] [0.789] [0.869] [0.753]

∆ voteshare SPD -0.008 -0.008 -0.001 -0.002 0.002 0.002
[0.240] [0.285] [0.925] [0.721] [0.796] [0.811]

∆ voteshare FDP 0.001 -0.000 0.004 0.004 0.005 0.003
[0.840] [0.984] [0.319] [0.360] [0.261] [0.447]

∆ voteshare Greens 0.006** 0.006* -0.001 0.001 0.000 -0.001
[0.049] [0.074] [0.803] [0.839] [0.956] [0.755]

Non-Established Parties:

∆ votesh. Extreme-Right 0.004* 0.004* 0.006** 0.006** 0.005** 0.004**
[0.070] [0.081] [0.028] [0.033] [0.022] [0.033]

∆ voteshare Far-Left -0.011* -0.010* -0.011* -0.012* -0.013** -0.009
[0.076] [0.087] [0.083] [0.070] [0.043] [0.162]

∆ voteshare Other Small 0.002 0.003 0.001 0.002 0.000 -0.001
[0.457] [0.183] [0.629] [0.435] [0.844] [0.676]

Specification/Controls Base- + Indus- +Demo- +LM + Vo- ∼ (5)
line try graph. tin West

Period-by-region F.E. Yes Yes Yes Yes Yes Yes
Observations 730 730 730 730 730 644

Notes: (a) Each cell reports results from a separate OLS regression. (b) Each line reports on a different election outcome.
Columns incrementally include additional control variables exactly as in Table 1. All specifications include region-by-
period fixed effects. (c) Variables are observed at the Landkreis level. The data is a stacked panel of first-differences over
two periods 1987–1998 and 1998–2009. (d) p-values are reported in square brackets, standard errors are clustered at the
level of 93 commuting zones. *** p<0.01, ** p<0.05, * p<0.1.
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detract from our focus on extreme-right vote shares in the IV setting.

Appendix C SOEP Regressions

In this section, we detail out the empirical specification for estimating the results presented in

A2. For each party P, we aggregate individuals’ self-reported voting intentions into a decadal

cumulative share of years in which a respondent stated he would vote for it. We calculate Y P
wt as

the ratio of the number of years that w states a preference for party P, divided by the number of

years that w answered the question in the SOEP.40 For each party P, the dependent variable is a

share between 0 and 1 for individual w in time period t and we separately estimate

Y P
wt = γYY − 1 · Y P

wt−1 + γYT · Tit + γYX ·Xit−1 + εwt. (14)

for each party outcome. With a slight abuse of notation, Y P
wt−1 controls for w’s survey response

to the same question in the base year. Xit refers to the same set of regional controls for the base-

year as in Table 1. Our focus is on estimating γYT , the effect of region i’s import exposure Tit on a

resident worker w’s reported party support.

Across rows, results reported in A2 closely mimic our main Table 1, except that there is no

turnout measure in the SOEP. Column 1 includes the period-region fixed effects and the regional

economic controls from Table 1. To better gauge magnitudes, column 2 reports the same spec-

ification with standardized outcomes. Import competition shifts individuals’ preferences to the

extreme-right, though the effect is statistically weaker in the SOEP than it was in the actual vot-

ing data in Table 1. By contrast, there is stronger evidence of a reduction in preference for the

established left party, the SPD. No other party shows a response that is close to being signifi-

cant. Most importantly, the SOEP allows to assess individual characteristics that may explain the

voting response to import exposure. Splitting the sample by worker types, we find the results

on extreme-right party support to be entirely driven by low-skill workers, and more specifically

40 It is better to measure the outcome as a cumulative share for the whole period instead of using a first difference
approach because the latter relies only on individuals’ answer at the beginning and the end of the period. Moreover,
respondents do not answer all questions in every year, which increases the number of missing observations in a first
difference specification. As a result, we obtain about three times as many ‘person-decade’ observations, and corre-
spondingly more precise estimates, using the share measure than with the first-difference measure.
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Table A2: Individual-Level Analysis

(1) (2) (3) (4) (5)

All Controls Standardized High-Skill Low-Skill & 
Manuf.

Low-Skill & 
Not Manuf.

Established Parties: 
0.001 0.003 -0.007 -0.013 0.008

(0.292) (0.292) (0.278) (0.794) (0.827)

-0.008* -0.016* -0.013 -0.011 -0.017*
(1.901) (1.901) (0.460) (0.400) (1.930)

0.001 0.005 -0.018 0.011 0.007
(0.459) (0.459) (0.420) (0.664) (0.568)

0.003 0.012 0.070 0.025 0.002
(1.000) (1.000) (1.474) (0.909) (0.152)

Non-Established Parties:
0.003 0.023 0.010 0.083** 0.006

(1.619) (1.619) (0.875) (2.206) (0.475)

-0.001 -0.007 -0.051 0.019 -0.009
(1.059) (1.059) (1.358) (1.356) (1.055)

-0.001 -0.007 0.005 -0.026 -0.003
(0.642) (0.642) (0.182) (1.053) (0.190)

Period-by-region  F.E. Yes Yes Yes Yes Yes

Observations 9,669 9,669 1,348 2,199 6,122

     Would Vote Far-Left Parties

     Would Vote Other Small Parties

     Would Vote CDU/CSU

     Would Vote SPD

     Would Vote FDP

     Would Vote Green Party

     Would Vote Extreme-Right Parties

Notes: (a) Each cell in this table reports on a separate regression. An observation is an individual w over a period t,
where we consider 1990–1998, and 1998–2009, closely mirroring the local labor market results. Each row reports on
stated preferences for a different party. The outcome in each row is the ratio of the number of years that w states
a preference for party P, divided by the number of years that w answered the question in the SOEP. The reported
coefficient in all cells is the IV coefficient of regional import exposure Tit. (b) Column 1 is the baseline specification
which includes period and four region fixed effects as well as all the regional economic, voting and demographic
controls from table 1, and individuals’ base-year stated political preferences. This is the full set of controls included in
all columns. To better gauge magnitudes, column 2–5 standardize all outcomes by their mean. In columns 3–5, we break
the sample by individuals’ skill as well as by whether they are employed in the manufacturing sector (1,348 + 2,199 +
6,122 = 9,669). High-skill workers (column 3) do not change their political support at all in response to import exposure.
Column 4 shows that it is the population most affected by import exposure – low-skill manufacturing workers – that
drives the effects on the far right. (c) t-statistics are reported in parentheses, standard errors are clustered at the region
level. *** p<0.01, ** p<0.05, * p<0.1.
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those in manufacturing sectors.41 Apparently, those who are most likely to experience adverse

labor market effects from import competition are also most likely to support nationalist parties if

their home region is exposed to imports from low-wage countries.

Appendix D Identifying Assumptions of the Partially Confounded IV

Model

The identification of the coefficients βZT , β
T
M , β

T
Y , β

M
Y in equations (5)–(8) depends on the covariance

matrix of observed data. Therefore, it is useful to represent equations (5)–(8) in matrix form. Let

X = [Z, T,M, Y ]′ be the vector of observed random variables and ε = [εZ , εT , εM , εY ]′ be the vector

of unobserved error terms. Matrix Ψ in (15) stands for the arrangement of linear coefficients.


Z
T
M
Y


︸ ︷︷ ︸

X

=


0 0 0 0
βZT 0 0 0
0 βTM 0 0
0 βTY βMY 0


︸ ︷︷ ︸

Ψ

·


Z
T
M
Y


︸ ︷︷ ︸

X

+


εZ
εT
εM
εY


︸ ︷︷ ︸

ε

. (15)

Equations (5)–(8) are thus written as X = Ψ ·X + ε.

Let ρTM stand for the correlation between εT and εM . Likewise, let ρTY , ρMY stand for the cor-

relations between εT , εY and εM , εY , respectively. For sake of notational simplicity, we assume that

each variable has a mean of zero. This assumption does not incur a loss of generality. Equation (16)

presents the covariance matrix ΣX of observed variables X:

ΣX ≡ Var


Z
T
M
Y

 =


σZZ σZT σZM σZY
· σTT σTM σTY
· · σMM σMY

· · · σY Y

 . (16)

Let Σε denote the covariance matrix of unobserved error terms ε. Since Z is assumed to be a valid

instrument in both the estimation of equation (10) in Section 4.2, and the estimation of equation (4)

41 By contrast, the reduction in the change in the SPD’s vote share is driven by low-skill non-manufacturing workers.
A possible explanation is that low-skill workers in the service sector are affected by competition from laid-off manu-
facturing workers, or that laid-off manufacturing workers had to accept unattractive jobs in the service sector. In either
case, they might blame the labor market reforms initiated by the SPD.
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in Section 3, the error term εZ is statistically independent of εT , εM , εY . Thus, Σε is given by

Σε ≡ Var


εZ
εT
εM
εY

 =


σ2
εZ 0 0 0
· σ2

εT ρTMσεT σεM ρTY σεT σεY
· · σ2

εM ρMY σεMσεY
· · · σ2

εY

 . (17)

Under linearity, the identifying assumption invoked in Pinto et al. (2019) is that T is endoge-

nous in a regression of Y on T only because of confounders that jointly influence T and M . More

precisely, the identifying assumption invoked in Pinto et al. (2019) allows for confounders that

directly impact T and Y (ρTM 6= 0), and confounders that directly impactM and Y (ρMY 6= 0), but

assumes that no important unobservables directly impact T and Y in addition to that (ρTY = 0).

Let ΣX[i, j] denote the element in the i-th row and j-th column of the covariance matrix (17). The

identifying assumption then sets ΣX[2, 4] = 0, and Pinto et al. (2019) show that this assumption

delivers point identification of all causal parameters of interest.

Appendix E First Stage Results of the Mediation Analysis

Table A3 presents the results of the first-stage equation (11) used to assess βMY and the direct ef-

fect βTY in Table 5, which reports second stage results. It is useful to develop a prior about the first

stage coefficients’ expected signs, because the interpretation is not as straightforward as it is for the

standard first-stage equation (3). The literature worries about domestic, industry-specific demand

conditions as source of confounding bias. German industries that experience negative domestic

demand shocks are expected to see fewer imports and declining employment. As discussed in

section 4, this would suggests that, conditional on Germany’s imports T , higher imports from

China into other countries will “cause” additional reductions in German employment by virtue of

acting as a proxy for negative German demand. The first-stage coefficients have signs that are in

line with this argument. In column 1 for instance, other countries’ net-imports from China worth

e1,000 per worker reduce total employment by 0.5 percent (γ̂IMM = −0.005) when conditioning on

T . Similarly, in column 3, other countries’ imports from China worth e1,000 per worker decrease

the aggregate LMC2 by 0.5 standard points (γ̂IMM = −0.005), which implies decreasing manu-

facturing employment, decreasing total employment, and increasing unemployment. The same
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Table A3: Model Parameters of the Mediation Model

(1) (2) (3) (4)

Mediating Variables: ∆ log LMC2 LMC2 LMC2

Employm.
First-Stage Equation (11)

γNETM -0.005*** -0.036* -0.035*
[0.004] [0.060] [0.069]

γIMM -0.036**
[0.048]

γEXM 0.076***
[0.000]

γTM -0.002 -0.125** -0.081 -0.169***
[0.014] [0.000] [0.037] [0.000]

Observations 730 730 730 644
Specification/Controls + Vo- + Vo- ∼ (3) ∼ (3)

ting ting 2 Z’s West

Notes: (a) This table reports first-stage results of Equation 11 used to assess βMY and βTY in Section 4.3. (b) Columns
1–2 present the results of assessing the mediation model with two alternative measures of labor market adjustmentsM .
Column 3 repeats the assessment of column 2, but with two instrumental variables. Column 4 repeats the assessment of
column 2 for the West-German subsample. (c) Variables are observed at the Landkreis level. The data is a stacked panel
of first-differences over two periods 1987–1998 and 1998–2009. (d) p-values are reported in square brackets, standard
errors are clustered at the level of 93 commuting zones. *** p<0.01, ** p<0.05, * p<0.1.
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amount in exports to China increases LMC2 by 0.6 standard points (γ̂EXM = 0.006).

Appendix F The Right-Populist AfD: Background and Detailed Results

In this section, we provide additional details on the emergence of the right-populist party Al-

ternative für Deutschland, AfD (Alternative for Germany), and present regression results on the

relationship between AfD support after 2013 and the support for extreme-right parties caused

by import competition at the end of our initial study period. The AfD was founded by former

CDU politician Alexander Gauland, economist Bernd Lucke, and journalist Konrad Adam with

the initial goal to oppose Germany’s position during the Euro crisis. The bottom line of their criti-

cism was that the Euro zone had failed as a currency area and its competitive pressure had forced

southern European states into poverty. The AfD ran for the first time in the 2013 federal election.

With its relatively moderate wing of Euro-skeptics being dominant in the party, the AfD was not

overly attractive to voters who demanded a more general shift to nationalist policies. This is il-

lustrated in the left panel of Figure 2 which plots the 2013 AfD vote share against the 2009 vote

share for extremist parties. In 2013, the AfD narrowly missed the 5 percent threshold required to

enter the federal parliament. By contrast, the right panel tells a different story. In the 2017 elec-

tion, we see a tight and positive relationship between the extreme-right vote share in 2009 and the

AfD vote share. This is the result of the AfD being taken over by right-populists who were rais-

ing sentiments against immigration and globalization. As a result, the party became palatable for

voters who were demanding more nationalist policies as a reaction to trade-induced labor market

turbulence.

To quantify how much the trade-induced effects on extreme-right voting translate into vote

shares for the right-populist AfD, we regress the change in the AfD vote share between the 2013

and 2017 federal election on the vote share of extreme-right parties in 2009, i.e. the end of our

initial study period:

∆AfDi,2017−13 = β1 · far-righti,2009 + γ2Kit + εit (18)

far-righti,2009 = λ1 · Zi,p1 + λ2 · Zi,p2 + γ1Kit + ξit. (19)
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As before, subscript i indicates counties and we use the same sets of control variables as before,

but for the year 2009.42 To pin down the relevance of extreme-right voting that was induced by

NetExposure in explaining AfD support, we simultaneously employ the instrumental variables

ZNET
it from period 1 and 2 of our initial analysis in the first stage, equation (19). We think of this as

reduced-form expression of equation (3) that helps us assess the pool of potential right-populist

voters who shied away from voting for right-extremist parties in our initial period of analysis,

but now support the more moderate, right-populist AfD. Panel A of Table A4 reports OLS results

from estimating equation (18), and Panel B of Table A4 reports IV results.

The results show that regions with a strong support for extreme-right parties at the end of

our initial study period in 2009 are significantly more likely to increase support for the right-

populist AfD between 2013 and 2017. OLS point estimates reveal that each percentage point of

extreme-right vote shares in 2009 is worth an additional 2–3 percentage points in the AfD vote

share change between 2013 and 2017, depending on the specification. This relationship holds for

extreme-right voting that was caused by NetExposure, with a 2SLS point estimate of 1.947 in our

preferred specification (column 5). If we restrict the sample to West Germany (column 6), we find

quantitatively similar effects. Column 7 reports standardized coefficients, which are relevant for a

comparison to the analysis of interaction effects to follow. We want to point out that the F-statistic

for our preferred specification is clearly below the critical value. However, since point estimates

decrease with a decreasing F-statistics and eventually fall below the OLS coefficients, we interpret

the IV coefficient reported in column 5 of Table A4 as a lower bound. To summarize, we conclude

that with the rise of the AfD, regions that were already leaning to the right because of increasing

import competition became particularly strong AfD supporters.43

The strong relationship between extreme-right voting in 2009 and increasing support of the

right-populist AfD between 2013–2017 raises questions about longer-lasting cultural roots of na-

tionalism as reported in Cantoni, Hagemeister and Westcott (2019). Moreover, one might wonder

about interrelations between the trade shocks experienced in the 1990s and 2000s, and a region’s

exposure to more recent economic shocks like the global financial crisis. We assess these questions

42 Since extreme-right party vote share in 2009 is now an explanatory variable, we do not control for other parties’
2009 vote shares in specification 5 anymore. Thus, it only includes start-of period turnout as a voting control.

43 Unreported regressions further show that these regions also retained significantly higher levels of right-extremist
vote shares. However, the AfD seems to gain support at the expense of extremist parties, whose change in vote shares
is significantly negatively related to extreme-right party support in 2009, both in the OLS and the IV regressions.
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Table A4: Relation between Extreme-Right Voting and AfD results

(1) (2) (3) (4) (5) (6) (7)

Panel A: ∆ voteshare AfD (2017-2013), OLS results

votesh. Extreme-Right 2009
2.511*** 2.544*** 2.242*** 2.169*** 2.161*** 1.984*** 2.407***

[0.000] [0.000] [0.000] [0.000] [0.000] [0.000] [0.000]

Panel B: ∆ voteshare AfD (2017-2013), IV results

votesh. Extreme-Right 2009 3.043*** 3.011*** 2.137** 1.924** 1.947** 2.057** 2.169**
[0.000] [0.000] [0.019] [0.050] [0.047] [0.027] [0.047]

Specification/Controls Base- + Indus- +Demo- +LM +Vo- ∼ (5) ∼ (5)
line try graph. ting West Std.

Region F.E. Yes Yes Yes Yes Yes Yes Yes
Observations 408 408 408 408 408 322 408
F-Stat Instruments 13.210 16.670 5.649 3.247 3.630 5.593 3.630

Notes: The data is a panel of first-differences at the Landkreis level over the period 2013–2017. Panel A reports OLS
results. Panel B reports 2SLS results using ZNET

it as instrument as before, but simultaneously for both the periods of our
initial analysis. In Panels A and B, columns incrementally include additional controls in the same fashion as Table 1.
Column 5, however, does not include other parties’ start-of-period vote share, since extreme-right vote share in 2009
is now the explanatory variable. As before, column 6 reports on the West-German subsample. Column 7 reports
standardized coefficients from our preferred specification (5), to facilitated comparison wit Table A5. All specifications
include region fixed effects. p-values are reported in square brackets, standard errors are clustered at the level of 93
commuting zones. *** p<0.01, ** p<0.05, * p<0.1.
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in Table A5. We first collect measures of regional exposure to the financial crises and include an in-

teraction with the term far-righti,2009 and the instruments Zi,p1, Zi,p2 in the regressions above. To

capture region i’s exposure to the financial crisis, we consider two sets of measures. First, counties’

increase in insolvencies between 2009-2010 (post-period) as compared to 2007-2008 (pre-period)44

and second, the growth in short-time employment45 over the same period.46 Arguably, the former

measure captures economic distress more broadly, while the latter is more focused on the fallout

from the financial crisis.47

Both measures allow differentiating between the number of firms and the number of employ-

ees affected. We assess region i’s exposure by calculating the post- versus pre-period difference

in its share of overall insolvencies (or short time work). These are used as interaction terms, with

different columns of Table A5 reporting on different interaction measures. We report standardized

coefficients, following column 7 of Table A4.

The main effect of extreme-right party support in 2009 on more recent support of the populist

party AfD is stable across specifications. Point estimates are barely affected by interactions with

measures of regional exposure to the financial crisis. We report results for OLS and IV specifica-

tions where the latter should be treated with caution because of the very low F-statistic.48 That

said, we observe fairly similar effects in OLS and IV specifications, both suggesting that the fi-

nancial crises did not have a pronounced differential effect in trade-exposed regions. There is

a tendency to foster the shift from extreme-right voting to right-populist voting, but the origi-

nal effect prevails. We also use the 1932 NSDAP vote share (July elections) as interaction to see

whether deep-rooted cultural affection with nationalism fosters the transition from extreme-right

support to populist support. If at all, the contrary seems to be the case. While the main effect

of extreme-right votes on AfD-votes prevails, the interaction turns out negative, suggesting that

regions with an extremist right tradition are more likely to stick to supporting extreme-right par-

44 Regional-level data is provided by the statistical offices of the German states and the Federal Statistical Office of
Germany.

45 Regional-level data is provided by the Federal Employment Agency.
46 Both measures saw a steep increase in 2009, but flattened out in 2010-2011.
47 German labor market regulations know different forms of short time work, one of which is termed konjunkturelle

Kurzarbeit and comes with a specific furlough scheme meant to cushion the labor market effects of cyclical fluctuations,
as opposed to seasonal fluctuations. In reaction to the financial crisis, the German government granted almost universal
access to this scheme for companies in distress, this is why we focus on konjunkturelle Kurzarbeit for our analysis.

48 Results are similar when looking at specification 2 of Table A4, where the F-statitic is above the critical value.
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Table A5: Interaction with Exposure to Financial Crisis

(1) (2) (3) (4) (5)

Interaction Term: Insolvencies Short Time Work NSDAP
(firms) (empl.) (firms) (empl.) vote share

Panel A: OLS results

Extreme-Right 2009 share 2.430*** 2.414*** 2.424*** 2.405*** 2.433***
[0.000] [0.000] [0.000] [0.000] [0.000]

Main Effect (column) 0.056 0.135 0.147 0.171* -0.447***
[0.630] [0.291] [0.298] [0.065] [0.009]

Interaction Effect 0.029 0.179 -0.027 -0.039 -0.190
[0.809] [0.516] [0.856] [0.826] [0.367]

Panel B: IV results

Extreme-Right 2009 share 2.265* 2.455** 3.056** 1.905* 1.634*
[0.080] [0.034] [0.048] [0.057] [0.091]

Main Effect (column) 0.600 0.297 0.491 0.217 -0.619**
[0.435] [0.586] [0.141] [0.263] [0.024]

Interaction Effect 1.314 0.602 0.983 0.145 -0.889
[0.369] [0.672] [0.282] [0.845] [0.230]

Specification/Controls + Voting + Voting + Voting + Voting + Voting
(Std.) (Std.) (Std.) (Std.) (Std.)

Region F.E. Yes Yes Yes Yes Yes
Observations 408 408 408 408 406
F-Stat Instruments 1.039 2.197 2.654 3.074 1.838

Notes: The data is a panel of first-differences at the Landkreis level over the period 2013–2017. Panel A reports OLS
results and Panel B reports 2SLS results as in Table A4. In the first stage, instruments are interacted with the interac-
tion terms used in the second stage. All specifications include region fixed effects and the full set of control variables
as in our preferred specification (5) of Table A4. We report standardized coefficients as in column (7) of Table A4.
Columns include different interaction terms between the extreme-right vote share in 2009 and indicators of a region’s
exposure to the financial crisis, i.e. change in a region’s share in overall (1) number of insolvency proceedings opened;
(2) number of employees directly affected by firm insolvencies; (3) number of applications to short-time work (konjunk-
turelle Kurzarbeit); (4) number of employees affected by short-time work (konjunkturelle Kurzarbeit). Moreover, column
5 includes an interaction with the regional vote share obtained by Hitler’s Nazi party (NSDAP) in the elections to the
German Reichstag in July 1932, to capture i’s nationalistic tradition. p-values are reported in square brackets, standard
errors are clustered at the level of 93 commuting zones. *** p<0.01, ** p<0.05, * p<0.1.
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ties.49 Conditional on the extreme-right support caused by import competition in 2009, culturally

rooted nationalism does not seem to have a major impact on AfD support.

As mentioned before, we do not want to overemphasize these results in a causal way but

merely interpret them as suggestive evidence. With that said, we conclude that the estimations

support the reading that trade competition has increased the voting potential for populist parties

well beyond the vote share realized by extreme-right parties in 2009. For the German case, the

populist AfD managed to tap into this potential. This conjecture holds when taking more recent

economic shocks and cultural roots of nationalism into account. Apparently, the trade shocks

observed in the period of our main analysis between 1987–2009 paved the way for the rise of

populism observed more recently in Germany.

49 This interpretation finds some support in unreported regressions, where we use extreme-right party votes as
outcome.
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Online Appendix A Data Sources

Online Appendix A.1 Election Data

We focus on federal elections (Bundestagswahlen) because the timing of state elections (Landtagswahlen)
and local elections (Kommunalwahlen) varies widely across German regions. Federal elections took
place in 1987, in December 1990 after the reunification on October 3, and in 1994, 1998, 2002, 2005,
and 2009. We define the first-period outcomes as changes in the vote-share from 1987 to 1998,
and second-period outcomes as changes from 1998 to 2009. Election outcomes are observed at the
level of 408 German counties (‘Landkreis’) in Period 1 and 322 West German counties in Period 2.

The average vote share of extreme-right parties is persistently below 5 percent in both peri-
ods. This presented a major challenge for our data collection, since official election statistics do
not report all votes shares below the 5 percent minimum threshold separately by party. To extract
information on far-right parties form this residual category, we had to contact the statistical offices
of the German states and digitize some results from hard copies. By doing so, we have generated a
unique data set that provides detailed insight into Germany’s political constellation and allows us
to create a precise measure of spatial variation in preferences also for fringe parties. This measure
eventually allows us to extend existing studies on spatial variation of far-right activities and par-
tisanship that were typically bound to the state level (Falk, Kuhn and Zweimüller (2011), Lubbers
and Scheepers (2001)) or limited in their time horizon (Krueger and Pischke (1997)) to a new level
of detail.

Online Appendix A.2 Trade Data

Our trade data stem from the U.N. Commodity Trade Statistics Database (Comtrade). The database
provides information on trade flows between country pairs, detailed by commodity type. As in
Dauth et al. (2014), we express all trade flows in thousands and convert them to 2005 Euros. To
merge four-digit SITC2 product codes with our three-digit industry codes, we use a crosswalk pro-
vided by Dauth et al. (2014), who themselves employ a crosswalk provided by the U.N. Statistics
Division to link product categories to NACE industries. In 92 percent of the cases, commodities
map unambiguously into industries. For ambiguous cases, we use national employment shares
from 1978 to partition them to industries. In this way, we end up with 157 manufacturing indus-
tries (excluding fuel products), classified according to the WZ73 industry classification.

Online Appendix A.3 Labor Market Data

We obtain information on local labor markets from two different sources. Information on employ-
ment, education, and the share of foreigners stems from the Social Security records in Germany.50

Based on the Social Security records, we calculate the import exposure measures for local labor
markets, the share of high-skilled workers (with a tertiary degree), foreign workers, workers in
the automobile or chemical industry, and wages. For the years before 1999, social security data are
recorded at the place of work only. After 1999, place-of-work and place-of-residence information
is available.

The remaining variables are provided by the German Federal Statistical Office. These variables
include the overall population, the female population share, the population share of individuals

50See Bender et al. (2000) for a detailed description of the data from the Institute for Employment Research (IAB). For
an additional description of the regional distribution of wages across German municipalities, see Falck, Heblich and
Otto (2013)
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of working age (aged 18 to 65), the population share of individuals older than 65, and the un-
employment rate, which is calculated by dividing the number of unemployed individuals by the
working-age population.

Online Appendix B Background on German Politics 1987 to 2009

Online Appendix B.1 The German Election System

Since the end of WWII, Germany has had a multiparty system, with the two largest parties–the
Christian Democratic Union (CDU) and the Social Democratic Party of Germany (SPD)–forming coali-
tions with either the Free Democratic Party (FDP) or the Greens (Bündnis 90/Die Grünen) during our
observation period (1987 to 2009).51 German elections are based on the principle of proportion-
ality. The main vote, called the “second vote” (Zweitstimme), is being cast for parties but not for
individual candidates.52 We will exclusively focus on this party vote. The overall number of par-
liamentary seats is determined in proportion to a party’s share of the second vote. Parties further
have to surpass a 5 percent minimum threshold to be represented in federal parliament. However,
this does not mean that small parties do not capture any votes. Small parties that failed to pass
the 5 percent threshold still captured about 11 percent of the total votes in our election data.

Online Appendix B.2 The Political Party Spectrum in Germany

We always classify the CDU, the SPD, the FDP, and the Greens as established parties. The con-
servative CDU and the social-democratic SPD are the dominant parties in Germany, in terms of
both membership and votes obtained. For our period of analysis, one of those two parties was
always in power. The liberal FDP participated in governments led by the CDU. The Greens are,
for ideological reasons, usually the SPD’s preferred coalition partner. On the extreme right of the
political spectrum, three parties have regularly run in federal elections. The National Democratic
Party of Germany (NPD - Nationaldemokratische Partei Deutschlands), founded in 1964, the Repub-
licans (REP - Die Republikaner), founded in 1983, and the German People’s Union (DVU - Deutsche
Volksunion), founded in 1987 (and merged with the NPD in 2011).53 They all follow neo-Nazi
ideologies, are anti-democratic, polemicize against globalization, and agitate against immigrants
and foreigners. All three have been monitored by the German Federal Office for the Protection
of the Constitution (Verfassungsschutz). None of these extreme-right parties has ever passed the
5 percent hurdle required to enter Germany’s national parliament, and it is unthinkable that any
mainstream party would ever form a coalition with them (see Art (2007)). On the far left of the
political spectrum, there are around 10 parties and factions that are often related with each other.
Besides the left party (Die Linke) and its predecessors, the Party of Democratic Socialism (PDS) and
Labour and Social Justice The Electoral Alternative (WASG), three branches have been dominant: Suc-
cessors to the Communist Party of Germany, which had been outlawed in 1956, e.g., the German
Communist Party (DKP) and the Communist Party of Germany (KPD); Leninist, Stalinist, and Maoist
organizations like the Marxist-Leninist Party of Germany (MLPD); and Trotskyist organizations

51In this paper, we will always report votes for the CDU and its Bavarian subsection Christian Social Union (CSU) as
combined CDU votes and refer to it as the CDU.

52Voters can additionally elect individual candidates on a first-past-the-post basis. Ironically, this second ballot is
called the “primary vote” (Erststimme). In every election district, the candidate who wins the majority of primary
votes is directly elected to parliament. However, electoral law ensures that this has no significant effect on the overall
distribution of seats, which is determined by the second vote.

53In Online Appendix B.4, we provide a history of these three parties. See also comprehensive work by Stöss (2010)
or Mudde (2000).
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such as the Party for Social Justice (PSG). Like the parties on the extreme right, these far-left par-
ties are regularly monitored by either the Federal Office for the Protection of the Constitution or
its state-level equivalents. We classify other parties that ran for elections but do not fit the above
categories as small parties (see Falck et al. 2014).

Online Appendix B.3 Stance on Trade and Globalization

Both the large parties CDU and SPD have market-liberal as well as protectionist factions. In com-
parison, the CDU tends to be more market-friendly. Still, it was a government led by the SPD that
implemented substantial labor market reforms in 2003-2005, amongst others decreasing employ-
ment protection, unemployment benefits, and establishing a low wage sector in Germany. The
smaller FDP explicitly follows a market-liberal agenda, while the Green party focusses on envi-
ronmental issues. More generally, the political left has traditionally been seen as opposing global-
ization and capturing the anti-globalization vote.54 However, this is no unambiguous relationship,
as the The Economist (July 30th, 2016) observes when headlining “Farewell, left versus right. The
contest that matters now is open against closed.” Throughout Europe, the political left has found
it difficult to take a coherent position against globalization in the last two decades, often ham-
pered by internal intellectual conflicts (Sommer 2008, Arzheimer 2009). In contrast, the right and
far right successfully cobbled together an anti-globalization agenda (Mughan et al., 2003). For the
case of Germany, Sommer (2008, p. 312) argues that “in opposing globalization, the left-wing usu-
ally criticizes an unjust and profit-oriented economic world order. [It] does not reject globalization
per se but rather espouses a different sort of globalization. In contrast, the solutions proposed by
the extreme right keep strictly to a national framework. The extreme right’s claim, therefore, that it
is the only political force that opposes globalization fundamentally [...] rings true.” The following
excerpt from the extreme-right NPD’s ‘candidate manual’ illustrates how Germany’s far right rolls
protectionist anti-globalization themes into its broader nationalistic, anti-Semitic agenda: “Glob-
alization is a planetary spread of the capitalist economic system under the leadership of the Great
Money. This has, despite by its very nature being Jewish-nomadic and homeless, its politically
and military protected location mainly on the East Coast of the United States” (Grumke, 2012,
p. 328).55

Online Appendix B.4 The Extreme Right in Germany

There is a strong sense of historical cultural roots and their time-persistence when it comes to
explaining votes for far-right parties in Germany today. Mocan and Raschke (2016) use state-
level survey aggregates from the ALLBUS, a general population survey for Germany, to show
that people who live in states that had provided above-median support of the Nazi party in the
1928 elections have stronger anti-Semitic feelings today. Voigtländer and Voth (2015) use the same
data to show that the effects of historical anti-Semitic attitudes on today’s political attitudes was
amplified for the cohorts that grew up during Nazi Germany’s indoctrination programs in 1933–
1945.

Having said that, there is substantial time-variation in the popularity of the far-right in Ger-
many. The NPD, the oldest of the three major right-wing parties we consider, was founded in 1964
as the successor to the German Reich Party (DRP). Its goal was to unite a number of fragmented

54To some extent this may still be the case. Che et al. (2016) for example argue that trade liberalization with China
has turned American voters towards the Democrats, though it seems as if this might have not been true for the 2016
presidential elections.

55The bundling of protectionist anti-globalization themes with xenophobic content has also been noted in the 2016
U.S. presidential election, see for example The Guardian ( March 7th 2016).
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far-right parties under one umbrella. Between 1966 and 1968, the NPD was elected into seven
state parliaments, and in the 1969 federal election it missed the 5 percent minimum threshold by
just 0.7 percentage points. Afterwards, support for the NPD declined and it took the NPD more
than 25 years to re-enter state parliaments in Saxony (2004) and Mecklenburg-Western Pomerania
(2006). In both states, the party got reelected in the subsequent elections, in 2009 and 2011, respec-
tively. In 2001, the federal parliament brought in a claim to the German Constitutional Court to
forbid the NPD due to its anti-constitutional program. The claim was turned down in 2003 be-
cause the NPD’s leadership was infiltrated by domestic intelligence services agents, which caused
legal problems. A second claim to forbid the party, filed on December 7th 2015, was denied by the
constitutional judges on January 17th 2017.

The DVU was founded by publisher Gerhard Frey as an informal association in 1971. Frey
published far-right newspapers such as the German National Newspaper (DNZ) and a number
of books with the goal of mitigating Germany’s role in WWII. His reputation as a publisher of
far-right material helped Frey to become an influential player in the German postwar extreme-
right scene (Mudde (2000)). In 1986, Frey took it one step further starting his own far-right party
German List (Deutsche Liste). After some name changes, the party became known as German
People’s Union (DVU) from 1987 on. Since its foundation, the DVU got parliamentary seats in the
state assemblies of Brandenburg (1999, 2004), Bremen (1991, 1999, 2003, 2007), Schleswig-Holstein
(1992), and Saxony-Anhalt (1998). In 2010, the DVU merged with the NPD.

The Republicans (Die Republikaner) were founded in 1983 as an ultraconservative breakaway
from the Christian Democratic Union (CDU) and the Christian Social Union of Bavaria (CSU).
Under their leader, Franz Schönhuber (who also ran as a candidate for the DVU and NPD in his
later political career), the party moved further to the extreme right by propagating a xenophobic
view on immigrants, and particularly asylum seekers. Compared to the NPD and DVU, the Re-
publicans were considered to be less openly extreme right which helped it secure votes from the
ultraconservative clientele. The REP got parliamentary seats in Berlin’s senate (1989) and the state
parliament of Baden-Württemberg (1992, 1996).

Online Appendix C Descriptive Statistics

Table Online Appendix Table 1 provides descriptive statistics for our main variables. The table is
organized in the following way: Each row presents the distribution of one variable, sliced into its
25th percentile, median, and 75th percentile. Columns 1–3 do this for Period 1 from 1987–1998,
and columns 4–6 for Period 2 from 1998–2009. Tit is defined in units of 1,000e per worker in
constant 2005 prices.
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Table Online Appendix Table 1: The Core Variables in 1987–1998 and in 1998–2009

(1) (2) (3) (4) (5) (6)

percentile: 25th median 75th 25th median 75th

T it -0.264 0.068 0.521 -1.222 -0.663 -0.144

        (instrumented with Zit) -0.112 0.153 0.458 -1.188 -0.665 -0.166

Yit:          Δ Turnout -0.034 -0.020 -0.012 -0.167 -0.128 -0.095

                Δ Vote Share CDU/CSU -9.234 -7.659 -5.730 -4.493 -2.258 0.620

                Δ Vote Share SPD 4.120 6.472 8.248 -19.904 -17.936 -16.079

                Δ Vote Share FDP -2.933 -2.188 -1.467 6.942 8.459 9.820

                Δ Vote Share Green -1.779 -1.282 -0.616 2.513 3.673 4.770

                Δ Share Far-Right 1.520 2.086 3.099 -1.525 -1.021 -0.478

                Δ Share Far-Left 0.677 0.908 1.165 5.688 7.078 8.373

                Δ Share Small Parties 1.211 1.487 1.796 0.716 1.514 2.525

Mit:   Δ log(Total Employment) -0.067 0.001 0.081 -0.110 -0.044 0.021

Period 1 (1987-1998), N=322 Period 2 (1998-2009), N=408

𝑻𝒊𝒕

Notes: Period one covers 1987–1998, period two covers 1998–2009. Period one contains West German counties only.
Period two values do not change substantially when dropping East German counties. The table displays the 25th
percentile, median, and 75th percentile of Tit, the voting outcomes Yit, and manufacturing’s share of employment Mit.
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Online Appendix D Robustness and Further Results

Online Appendix D.1 Additional Results on the Vote Share Table 1

Online Appendix Table 2 presents the OLS results corresponding to the paper’s table 1.

Table Online Appendix Table 2: OLS Version of Table 1

(1) (2) (3) (4) (5) (6)

∆ Turnout 0.002** 0.003** 0.002** 0.003*** 0.003*** 0.001*
[0.019] [0.014] [0.028] [0.004] [0.006] [0.094]

Established Parties:

∆ voteshare CDU,CSU -0.081 -0.092 -0.106 -0.097 -0.117 -0.143*
[0.318] [0.280] [0.173] [0.204] [0.120] [0.067]

∆ voteshare SPD -0.037 -0.033 0.013 0.012 0.033 0.081
[0.682] [0.726] [0.876] [0.887] [0.688] [0.393]

∆ voteshare FDP 0.094* 0.085 0.102** 0.116** 0.131*** 0.126**
[0.054] [0.106] [0.037] [0.019] [0.007] [0.019]

∆ voteshare Greens 0.046 0.041 0.025 0.075** 0.075** 0.054
[0.230] [0.311] [0.468] [0.024] [0.032] [0.150]

Non-Established Parties:

∆ votesh. Far-Right 0.038* 0.036 0.034 0.038 0.035 0.032
[0.095] [0.140] [0.142] [0.147] [0.151] [0.101]

∆ voteshare Far-Left -0.108 -0.104 -0.117 -0.202*** -0.198*** -0.170**
[0.102] [0.130] [0.119] [0.006] [0.007] [0.032]

∆ voteshare Other Small 0.048 0.068** 0.047 0.057** 0.041 0.021
[0.120] [0.023] [0.108] [0.048] [0.133] [0.477]

Specification/Controls Base- + Indus- +Demo- +LM + Vo- ∼ (5)
line try graph. ting West

Period-by-region F.E. Yes Yes Yes Yes Yes Yes
Observations 730 730 730 730 730 644

Notes: (a) Online Appendix Table 2 reports OLS results corresponding to Table 1. Each cell reports on a separate
regression. (b) Each line reports on a different election outcome. Columns incrementally include additional control
variables. Column 1 controls only for start-of-period manufacturing. Column 2 adds controls for the regional industry
structure. Column 3 adds controls for a region’s demographic structure. Column 4 adds start-of-period labor market
controls. Column 5 adds start-of-period voting controls. This is our preferred specification. Column 6 reports on
specification 5 for the West German subsample only (former FRG). All specifications include region-by-period fixed
effects. (c) Variables are observed at the Landkreis (county) level. The data is a stacked panel of first-differences over
two periods 1987–1998 and 1998–2009. (d) p-values are reported in square brackets, standard errors are clustered at the
level of 93 commuting zones. *** p<0.01, ** p<0.05, * p<0.1.
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Online Appendix D.2 Differential effects of imports and exports

This section presents regression results underlying Figure 1 in the paper. Employing the two
instruments for trade exposure simultaneously, we estimate

T EX
it = βZ

EX

T · ZEX
it + βZ

IM

T · ZIM
it + βKT Kit + εEX

it , (20)

T IM
it = βZ

EX

T · ZEX
it + βZ

IM

T · ZIM
it + βKT Kit + εIM

it , (21)

Yit = βT
EX

Y · T EX
it + βT

IM

Y · T IM
it + βKMKit + ηit (22)

The results are presented in Table Online Appendix Table 3. Figure 1 reports on ourpreferred
specification in column (5).

Table Online Appendix Table 3: The Effect of Import Exposure and Export Exposure

(1) (2) (3) (4) (5) (6)

Panel A: ∆ Far-Right vote share

∆ import exposure 0.094*** 0.103*** 0.070** 0.082** 0.087* 0.110**
[0.010] [0.006] [0.047] [0.026] [0.062] [0.048]

∆ export exposure -0.136*** -0.148*** -0.125*** -0.132*** -0.140*** -0.125***
[0.001] [0.001] [0.003] [0.006] [0.002] [0.006]

Panel B: ∆ log employment

∆ import exposure -0.019* -0.019* -0.024*** -0.024*** -0.024*** -0.028***
[0.058] [0.063] [0.008] [0.009] [0.007] [0.004]

∆ export exposure 0.027*** 0.027*** 0.026*** 0.027*** 0.026*** 0.026***
[0.000] [0.001] [0.000] [0.000] [0.000] [0.000]

F-Stat Instruments 43.19 45.58 42.21 39.06 39.06 35.94
Specification/Controls Base- + Indus- +Demo- +LM + Vo- ∼ (5)

line try graph. ting West
Period-by-region F.E. Yes Yes Yes Yes Yes Yes
Observations 730 730 730 730 730 644

Notes: Each cell reports second stage results from a separate 2SLS regression. Columns successively add control vari-
ables, exactly as in Table 1. Column 6 repeats the estimation from column 5, but for the West-German subsample only.
Variables are observed at the Landkreis (county) level. The data is a stacked panel of first-differences over two periods
1987–1998 and 1998–2009. Panel A uses county-level changes in far-right party vote shares as outcome, Panel B uses
county-level changes in the log of employment as outcome. All specifications include region-by-period fixed effects.
p-values are reported in square brackets, standard errors are clustered at the level of 93 commuting zones. *** p<0.01,
** p<0.05, * p<0.1.
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Table Online Appendix Table 4: The Effect of Import Exposure (T ) on Labor Market Variables (M )

(1) (2) (3) (4) (5) (6) (7)

∆ log employment -0.019** -0.020* -0.024*** -0.024*** -0.024*** -0.025*** -0.028***
[0.040] [0.051] [0.004] [0.006] [0.004] [0.000] [0.003]

∆ Share Manuf. Empl. -0.264 -0.296 -0.512*** -0.534*** -0.531*** -0.693*** -0.611***
[0.184] [0.112] [0.001] [0.002] [0.002] [0.000] [0.001]

∆ log Manuf. Wage -0.001 -0.001 0.000 -0.001 -0.000 -0.006** -0.001
[0.685] [0.702] [0.982] [0.778] [0.880] [0.018] [0.621]

∆ log Non-Manuf. Wage -0.005*** -0.005*** -0.002* -0.003** -0.003** -0.002* -0.002**
[0.001] [0.000] [0.096] [0.014] [0.026] [0.081] [0.040]

∆ Share Unempl. 0.042 0.026 0.049 0.149*** 0.145*** 0.169*** 0.163***
[0.443] [0.651] [0.383] [0.006] [0.006] [0.006] [0.003]

F-Stat Instruments 66.48 74.66 71.26 64.47 64.33 39.98 59.84
Specification/Controls Base- + Indus- +Demo- +LM + Vo- ∼ (5) ∼ (5)

line try graph. ting 2 Z’s West
Period-by-region F.E. Yes Yes Yes Yes Yes Yes Yes
Observations 730 730 730 730 730 730 644

Notes: (a) Each cell reports second-stage results from a separate 2SLS regression. First stage results are identical to those
reported in Table 1. (b) Each line reports on a different labor market variable. Columns incrementally include additional
control variables, exactly as in Table 1. Column 1 controls only for start-of-period manufacturing. Column 2 adds
controls for the regional industry structure. Column 3 adds controls for a region’s demographic structure. Column
4 adds start-of-period labor market controls. Column 5 adds start-of-period voting controls. This is our preferred
specification. Column 6 replicates Column 5 but with two instrumental variables instead of one. Column 7 reports
on specification 5 for the West German subsample only (former FRG). All specifications include region-by-period fixed
effects. (c) Variables are observed at the Landkreis (county) level. The data is a stacked panel of first-differences over
two periods 1987–1998 and 1998–2009. (d) p-values are reported in square brackets, standard errors are clustered at the
level of 93 commuting zones. *** p<0.01, ** p<0.05, * p<0.1.

Online Appendix D.3 Labor Market Outcomes

Online Appendix Table 4 details out the second stage results for observed labor market variables
reported in Section 4.2. Online Appendix Table 5 presents the OLS results corresponding to Online
Appendix Table 4.
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Table Online Appendix Table 5: OLS Version of Table Online Appendix Table 4

(1) (2) (3) (4) (5) (6)

∆ log employment
-0.013*** -0.012*** -0.011*** -0.010** -0.009** -0.013***

[0.003] [0.007] [0.009] [0.029] [0.029] [0.004]

∆ Share Manuf. Empl.
-0.502*** -0.470*** -0.466*** -0.473*** -0.464*** -0.557***

[0.001] [0.002] [0.001] [0.002] [0.002] [0.000]

∆ log Manuf. Wage
-0.003** -0.003** -0.004** -0.004** -0.004** -0.005***

[0.039] [0.034] [0.016] [0.013] [0.016] [0.001]

∆ log Non-Manuf. Wage
-0.001 -0.001 -0.001 -0.002* -0.001 -0.001
[0.358] [0.310] [0.180] [0.076] [0.110] [0.437]

∆ Share Unempl. 0.089 0.082 0.094 0.153*** 0.150*** 0.179***
[0.104] [0.164] [0.103] [0.002] [0.002] [0.001]

Specification/Controls Base- + Indus- +Demo- +LM + Vo- ∼ (5)
line try graph. ting West

Period-by-region F.E. Yes Yes Yes Yes Yes Yes
Observations 730 730 730 730 730 644

Notes: Each cell reports results from a separate OLS regression. Otherwise, the setup is identical to the 2SLS setup
presented in Table Online Appendix Table 4. (b) Each line reports on a different labor market variable. Columns
incrementally include additional control variables as in Table Online Appendix Table 4. All specifications include
region-by-period fixed effects. (c) Variables are observed at the Landkreis (county) level. The data is a stacked panel
of first-differences over two periods 1987–1998 and 1998–2009. (d) p-values are reported in square brackets, standard
errors are clustered at the level of 93 commuting zones. *** p<0.01, ** p<0.05, * p<0.1.
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Online Appendix E Constructing Gravity Residuals

Gravity-residuals can be obtained from the residuals of the regression

log(EXCE−O
djt )− log(EXG−O

djt ) = αd + αj + εIMdjt , (23)

where log(EXCE−O
djt ) are industry j’s log export values from China and Eastern Europe to

destination market d, log(EXG−O
djt ) are German industries’ exports to the same countries, αd are

destination-market and αj are industry-fixed effects.56 εIMdjt thus captures CE’s competitive ad-
vantage over Germany at time t in destination market d and industry j. Averaging residuals εIMdjt
over destination markets d and taking first differences provides a measure for overall changes in
CE’s comparative advantage over time. Exponentiating this term and multiplying it with Ger-
many’s start-of-period imports from CE gives rise to ∆IM

grav
Gjt = IMGjt−1× expε̄

IM
jt −ε̄IMjt−1 , which is

a counterfactual measure of changes in German industries’ import exposure that is solely driven
by CE’s increasing comparative advantage.

Conversely, ∆EXGjt increases due to better access to the CE markets and to German-specific
supply conditions. While German-specific supply conditions will affect German exports in gen-
eral, the relative attractiveness of CE markets over other export destinations should be indepen-
dent of German-specific effects. Thus, changes in German industries’ exports to China and East-
ern Europe in relation to German industries’ exports to other countries O provides an exogenous
measure ∆EX

grav
Git for ∆EXGjt. It can be obtained from the residuals of the regression

log(EXG−CE
djt )− log(EXG−O

djt ) = αd + αj + εEXdjt , (24)

where log(EXG−CE
djt ) are industry j’s log export values from Germany to China and Eastern

Europe, log(EXG−O
djt ) are German industries’ exports to other countries, and αd and αj are again

destination-country and industry-fixed effects. εEXdjt now capturesCE’s relative attractiveness over
other sales markets at time t in destination market d and industry j. Averaging residuals εEXdjt
over destination markets d and taking first differences provides a measure for overall changes in
the attractiveness of Chinese and Eastern European sales markets over time. Exponentiating this
term and multiplying it with Germany’s start-of-period exports to CE gives rise to ∆EX

grav
Gjt =

EXGjt−1×expε̄
EX
jt −ε̄EXjt−1 , which is a counterfactual measure of changes in German industries’ export

exposure that is solely driven by CE’s increasing attractiveness as sales market.

56Since many CE countries did not report trade data in the late 1980s and early 1990s, we use imports from CE and
Germany reported by other countries O to measure Germany’s and CE’s exports to O.
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Online Appendix F Different ways of evaluating the Total Effect

The total effect TE of import exposure on far-right voting support can be assessed by a 2SLS
regression as in equation (4) of Section 3, or calculated from the results of an mediation analysis
as in Section 4.3, since TE = DE + IE. Thus equation (4) is not strictly needed as a separate
quantity to describe the mediation model in Section 4.1. However, it can be nested into the above
framework by substituting the mediation variable M in (10) into the outcome equation in (4) as
follows, omitting control variables Kit and subscripts:

Y = βMY ·M + βTY · T + εY and M = βTM · T + εM (25)

⇒ Y = βMY ·
(
βTM · T + εM

)
+ βTY · T + εY (26)

=
(
βMY · βTM + βTY

)︸ ︷︷ ︸
TE

·T + βMY εM + εY︸ ︷︷ ︸
ηY

(27)

Accordingly, the directly estimated TE is algebraically identical to βTY + βTM · βMY .57

57This identity holds when employing one single instrumental variable like NetExposure. When using a set of dedi-
cated instruments for T , like ImportExposure andExportExposure (see the last columns 5 of Table 1), the approaches
may give slightly differing estimates of the total effect.
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